Event study approach: The case of Airbnb and hotel stocks
Introduction
Recent decades have seen Tthe development of the peer-to-peer (P2P) economy in the last decades economic happened because in response to of the various technological and sociological changes. The phrase “Ppeer- to- peer” economy relate refers to an individual who rents their an unused product for to those who temporarily need it for a certain fee (Gupta et al 2019). Some researchers use the term “sharing economy”; however, this is not an accurate term as the product is not really “shared” (Dolnicar, 2021). The P2P economy has spreads from accommodation to cars, fashion (Choi &and He, (2019), and even electricity (Schneiders et al., 2022) and now has the potential to totally alter the economy. The most common example of the P2P economy is remains the example of P2P accommodation market, specifically, Airbnb (Gansky, 2010; Sundararajan, 2013). Airbnb links people who have vacant housing available with people (such as tourists) who looking for provisional temporary accommodations (such as tourists) via using digital markets (Botsman &and Rogers, 2011; Zervas et al., 2017). Brian Chesky and Joe Gebbia founded Airbnb in 2008 by, and by 2021 had 12.7 million listings in 100,000 cities (Airbnb, n.d.). Airbnb now leases more rooms than the world’s three largest hotel companies combined. The company has a market value of $113 billion (Airbnb, n.d.). 	Comment by Tchai Tavor: לעורכת – אלו שמות המייסדים – האם נהוג לכתוב שם מלא?
Airbnb might poses a potentially serious threat to the conventional hospitality industry because it offers significantly cheaper accommodations and larger more diversity in comparison to than hotels (Dolnicar, 2019).  Some researchers claim that Airbnb is a substitute to for hotels. For example, Guttentag, &and Smith, (2017) found that over 60 percent of the Americans uses Airbnb as a substitute to for hotels. Similarly, Yang et al. (2021) found the two to be substitutes. They analyzed 466 estimates from 33 studies on the effect of Airbnb on hotel performance and found that the effect was negative, but small. Dogru1a et al. (2020) researched 10 ten major hotel markets in the US United States between 2002 and 2018 and reported that ‏ the increase in Airbnb supply between 2008 and 2017 had a negative effect on hotel revenues, average prices, and occupancy rates. In London, Paris, Sydney, and Tokyo Dogru2b et al. (2020) found that in London, Paris, Sydney, and Tokyo an increase of 1 % in Airbnb listings decreased hotel revenue between 0.016% to and 0.031%. Blal et al. (2018) found that in San Francisco overall hotel revenue per room was unrelated to the availability of Airbnb facilitiesalternatives. In certain segments, however, it was affected by the average price of Airbnb accommodations.  On the other handConversely, other researchers claimed have argued that Airbnb is a complementary product, for example, Varmaet et al.  (2016) who researched hotel employees and found that Airbnb and hotels address different types of guests.  lLikewise, Sainaghi &and Baggio (2020) indicated determined that during the on weeknights hotels usually serve business guests, whereas Airbnb houses leisure guests.	Comment by Tom Moss Gamblin: I suggest adding “conventional” (in the sense of what existed before P2P, e.g. hotels) because “hospitality industry” in its broadest sense now includes Airbnb etc.	Comment by Tom Moss Gamblin: Maybe say “argue” – since the researchers are making the case for their claim, not merely stating it	Comment by Tom Moss Gamblin: Or maybe “in this way” (just to avoid the repetition of the phrase)	Comment by Tom Moss Gamblin: “On the other hand” is usually fine, but here you happen to have “other researchers” straight afterwards, which makes the phrasing a bit awkward	Comment by Tom Moss Gamblin: Maybe “interviewed”?
Besides the immediate effect Airbnb has had on the hospitality industry, for example it leads to a rise in tourists’ numbers (Gutiérrez et al., 2017)‏, it has had a wider effect on the economy (Levendis &and Dicle, 2016; Negi &and Tripathi, 2022). One example is it effects its impact on rental prices and housing prices (Benitez-Aurioles &and Tussyadiah, 2020;, Barron et al., 2021). It was found Findings indicate that Airbnb increases crime rates (Ke et al., 2021) as well as leading to neighborhood gentrification and overcrowding (van Holm, 2020; Gyodi, 2019). In the Balearic Islands it was found that Airbnb creates promotes environmental degradation (Martin et al., 2018). On the other hand, Airbnb has a positive effect on the employment market in hotels and restaurant employment market (Dogru3c et al., 2020; Mao et al., 2018) and on the revues of local communitiesy and authorities (Belarmino et al., 2021; Mao et al., 2018; Farmaki &and Kaniadakis, 2020).	Comment by Tom Moss Gamblin: I think this should be “revenues"
The positive effects of Airbnb on economic activities and local income, along with its negative effects, such as disturbances in the local communitiesy and a decrease in hospitality income, have caused local municipalities and governments to consider how they should treat Airbnb. ThereforeTo this end, it is crucial to learn more on about the Airbnb effect of Airbnb on the markets.  This study uses the stock market to test the effect of Airbnb announcements on the hotel stock values. The uniqueness of this study is that it does not focus on a specific area as unlike most of the others research that deals with Airbnb, it does not focus on a specific area does (Dann et al., 2019).	Comment by Tom Moss Gamblin: Which stock market? If you don’t want to name one, I would say “stock markets”
Literature rReview	Comment by Tom Moss Gamblin: About subhead capitalization: It looks as though you have informally sorted subheads into two levels, with “level A” in title case (initial capitals for principal words) and “level B” being more like regular sentence case.  I’ve gone with that, but I would say that this subhead is level A as it’s not a part of the Introduction (previous level A) – hence I capitalized “Review”
The efficient market theory (EMH) claims that share prices reflect all information known to the market. Investors in the stock market who are looking for ways to gain profit look for information that can is predictive the of stock prices. Therefore, Extensive research was has therefore been performed about on how different information published in varies various channels and in various modes effect affects the stock prices.  One of the common ways to study the impact of news effect on the stock markets is to use the event study methodology. This method has been widely used in many areas including marketing (Sorescuet et al., 2017),.‏ economics (Lee and Mas 2012), accounting (Jiang et al. 2015), health (Maneenop &and Kotcharin, 2020), and tourism (Papakyriakou et al., 2019).	Comment by Tom Moss Gamblin: “the market” is ok here (rather than “markets”) because it is an accepted generic noun
In the hospitality industry, the event study approached was has been used by many researchers. For example, Che Ahmat et al. (2023) utilized it to test the impact of a minimum wage in the hospitality industry wage on the stock prices of hotel companies in Malaysia, finding that introducing a minimum wage and or increasing it led to a decline in the stock values. Bloom &and Jackson (2016) found that there was a negative effect comparing before and after CEO change in hotel companies. Likewise, Dorgou (2017) found that acquisition had has a positive effect, its size dependings on the financial constraints and organizational structure. Kim (2021) found that announcements regarding hotel mergers tend to have different effects on the offer bidder and the target. 	Comment by Tom Moss Gamblin: I think s.b. Dogru
Focusing specifically on Airbnb, Garcia-López et al. (2020) used several models including the event study model to test the effect of Airbnb in Barcelona on the city’s housing and rental prices. They found that since 2014, when Airbnb became an important player in Barcelona, housing and rental prices increased in neighborhoods where Airbnb was present compared to neighborhoods in which it was not. This result was also the results of obtained by Bibler et al (2021) in Chicago and San Francisco;, however, they also found that growth in Airbnb listings helps the individual economic situation. Similarly, Gonçalves (2020) focused on the ban of Airbnb in Lisboan. He found that there was a pick up in registry between the time the ban was announced and its implementation, and that buyers liked the option of being able to participate in the Airbnb market. 	Comment by Tom Moss Gamblin: Is it clear what you mean here?  Are you talking about average individual income (in the sense of individual people)? Or did you mean “the specific economic situation” (i.e. specific to that location)?	Comment by Tom Moss Gamblin: Or “an uptick” would be better – if this is what you meant	Comment by Tom Moss Gamblin: “registry” is ambiguous here – you could be talking about providers registering on Airbnb, or about something else
Studying the effect on funding on Airbnb and hotels at different business stages, Biancoa et al. (2022) found that the startup phase of for traditional hotels had a declining effect on the stock markets, while Airbnb at a similar stage had a positive effect on the stock market. Looking at the connection between Airbnb and hotel companies, Biancob et al. (2022) used a sample of publicly traded hotel management companies and hotel real estate investment trusts in the US United States before and after Airbnb was recognized as a competitor (2013-–2014). Using the event study methodology, they found that after 2014 new products or services offered by Airbnb had a negative effect on the stock markets. Focusing on this connection but exptending it to Airbnb around the world, Teitler-Regev &and Tavor (2022) tested how announcements on the Airbnb website effected the stock values of the stocks of hotel companies, finding a negative connection. In addition, they found that positive Airbnb announcements led to a decline in the stock values, and while that announcements regarding families had a longer-term effect. 	Comment by Tom Moss Gamblin: Or “the Dow  Jones” (or whatever) if you mean a particular market index
Based on those papers these studies (Biancob et al. 2022; Kim, 2021; Teitler-Regev &and Tavor, 2022) and several others, papers that showed that the consensus is that negative events have a negative effect on the stock markets. Examples include dealing with the Ccyber-attacks (Arcuri, 2020), Tterrorist attacks (Markoulis &and Neofytou, 2019), Ppolitical uncertainties (Das et al., 2020), and COVID-19 (Clark et al., 2021; Sharma &and Nicolau, 2020; Shin et al., 2021).  Our first hypothesis is this:
Hypothesis 1: 
Airbnb announcements will have a negative effect on the hotel stock prices.
In addition, mentioning identifying the location of the announcement might also affect have differently effects on hotel the stock prices of hotels. For example, Viljoen (2016) studied the effect of news announcements on stocks with dual listings. The study determined that not only did the announcements affected not only the stocks in the specific locationmarket, but they also had a spillover effect on the general market.  
Based on this paper, our second hypothesis is as follows:	Comment by Tom Moss Gamblin: I joined this onto the previous paragraph
Hypothesis 2: 
Airbnb announcements with an exact location will have a different effect on the hotel stock prices than announcements with a general location.
This paper builds on the paper work by Teitler-Regev &and Tavor (2022), and usinges more advanced statistical models in order to increase the robustness of the tests of  the effect of Airbnb announcement on hotel stock prices.

Data and Empirical Strategy
Data
Studies have shown that the presence of Airbnb in a locality affects hotel companies in that area. Therefore, to test the effect of Airbnb on hotel company stocks, we collected data regarding stocks of hotel companies and the main stock index in 0ten different countries around the world where there had been Airbnb announcements, namely the United States, France, Australia, India, Japan, the United Kingdom, China, Germany, Thailand, and Spain.  For each Airbnb announcement with an exact location, we collected data for the announcement day on hotel companies that might be affected. For announcements that did not have an exact location we considered all the companies in the sample. The data included 4forty-eight 8 announcements relatinged to 145 stocks with an exact location, and 132 announcements related to 969 stocks without an exact location. The data in this study are based on announcements posted on Airbnb from 2017 to 2019. Data on stock prices were collected form Yahoofinance.com and Investing.com. Appendix A includes the list of countries according to their stock indexes. 



Empirical strategy 	Comment by Tom Moss Gamblin: I would say this is a B level subhead, hence lower-case “strategy” is fine
The event study approach was developed as a statistical way approach to measuringe how an economic event eaffects the stock market by using utilizing the abnormal returns (AR) (Luoma, 2011), and specifically to testing the Eefficient Mmarket Ttheory (EMH) developed by FamaAMA (1970) (see also Dashdondog, 2021).  The first research published on event study was carried out by Dolley (1933) in the beginning of the 1030 early 1930s(Dolley 1933). In the late1960s the research made by Ball &and Brown (1968), and Fama, et al. (1969) introduced the methodology that is still in use today in many much research in economics and finance research.  However, several changes modifications have been made to the method,. Sspecifically using daily data instead on of monthly data and using employing more sophisticated methods to estimate the abnormal returns (Brown &and Warner, 1980, 1985; Campbell et al., 1997).	Comment by Tom Moss Gamblin: Presumably this should be EMT, not EMH?	Comment by Tom Moss Gamblin: Unless FAMA is an acronym?  But I think you mean the researcher Fama
The conventional event study approach to measuringe abnormal returns around a specific day is widely used, but is problematic  however there might be  in several problems  ways, in this method including the fact that stock prices are not necessarily normally distributed (Kolari, &and Pynnönen, 2010),  that there might be bias in the OLS estimations when non-synchronous trading is present (Dutta, 2014) , or and that  increase in the variance might lead to misspecification of the model (Brown and Warner, 1980, 1985). Therefore, sSeveral researchers have offered suggested ways to deal with some of these problems, and several other tests were have been developed to increase the accuracy and robustness. For example, Boehmer, Musumeci, and Poulsen (BMP) (1991) claimed argued that the event-period returns needs to be standardized by the estimation-period standard deviation, and that the cross-sectional mean of the standardized returns has to should be divided by the cross-sectional standard deviation in order to get create the test statistic. They assume that the event- induced variance is identical for  all the stocks used.   Brown and Warner (1980, 1985)   claimed demonstrated that when the event day is the same for several industries the use of the market model reduces abnormal return the inter-correlation of the abnormal return to close to zero. However, this is not the case when the stocks are from the same industry and thus over-rejection of the null hypothesis can be created. To handle that this problem, Kolari and Pynnönen (2010) offered a variation of the PATELL Patell’s statistics.  Patell uses standardized t- test, and which assumes cross-section independence in the cross section and controls the impact of large standard aberrations and even conscious changes in the variance id of the returns (Hussain, 2020).  Boehmer et al. (1991) used the cross-sectional variance and while ignoringed the estimation-period residual variance.  Using the Mmaximum likelihood estimation (MLE) on stock return data, Ball and Torous (1988) simultaneously estimated event- period returns, the variance of these returns, and the probability of the event’s occurrence for any given day in the event window. The results suggest that the MLE method rejects the null hypothesis more often than the traditional Brown and Warner method;, however, the null hypothesis is not rejected ltoo often when it is true. The standardized residual test assumes that the residuals are not correlated and that the event- induced variance is insignificant. In this method, used by Brown and Warner (1985) and Boehmer et al. (1991), the event- period residuals are divided by the their standard deviation of the estimation-period residuals, therefore, thus adjustinged them to reflect the forecast error. 	Comment by Sharon Teitler Regev: בצהוב הביטויים שלא שיניתי	Comment by Tchai Tavor: לדעתי להשאיר לעורכת לשונית עם הצבע ולהסביר לה שאלה ביטויים שלא שינינו ולבקש שהיא תשנה עד כמה שניתן ולאחר מכן נחליט כיצד להמשיך.	Comment by Tom Moss Gamblin: Maybe “Their” – i.e. Ball and Torous’ results specifically
Non-parametric tests are well-specified and good in at detecting a false null hypothesis of no abnormal return. Researchers like including Corrado (1989), and Corrado and Zivney (1992), Cowan (1992), Campbell and Wasley (1993, 1996), and Corrado and Truong (2008) used nonparametric sign and rank tests showing that those tests produce better specification and power than parametric tests.  Zivney and Thompson (1989) adjusted the sign test to deal with skewness, and performed risk adjustmented. To handle the problem of event- induced variance Corrado (1989) offered a non-parametric rank test, which relaxes the assumption of normality and give offers robustness results.  This test applies for a one- day of abnormal return, but Corrado claims that it can be used for multiple- day events if the estimation period is divided by interval according to the number of days in the cumulative abnormal returns (CARs). However, when the for longer time periods is longer the number of the observations becomes very small, so it weakenings the model estimation. On the other hand, tTo avoid the same problem Cowan (1992) and Campbell and Wasley (1993) used the accumulative abnormal returns on Corrado’'s rank. The shortcoming of this method is a losing loss of the power in detecting abnormal returns, specifically when the event windows are long. To avoid this problem, Kolari and Pynnönen (2011) developed a generalized rank test that uses the generalized standardized abnormal returns for to testing both single abnormal returns and cumulative abnormal returns. The test they offer is robust to abnormal return serial correlation, event-induced volatility, and cross-sectional correlation of abnormal returns. One of the shortcomings of the sign test is the loss of information due to use of positive or negative signs. The Wilcoxon's signed ranks test reflex this limitation as it tests not only tests observed values relative to the median but also considers their relative sizes as well (Zoungrana et al., 2021).  	Comment by Tom Moss Gamblin: Do you mean results about robustness or more robust results?  If the second, change “offers robustness” to “provides robust”
The day of the event, iIn our research, the day of the event regards refers to the day the announcements about Airbnb were posted, and is defined as t = 0. If the event occurs on a non-trading day were there is no trade in the stock exchange, the event day will be the first business day after the event. The time points t = T0+1, T0+2, …, T1 are the days of the estimates as related to the event day. During that this period, we calculated the statistics values that are the basises for testing the event. Finally, t  = T1+1, T1+2, …, 0, …, T2 are the days of the event window related to the event day.
In the eEvent study methodology, there is has no uniform rule regarding the length of the event and estimation windows. During Over the years of using the event study approach, researchers have changed the length of the estimation and events according to their research needs (Alkhatib, &and Harasheh, 2018; Ball &and Brown, 1968; Brown &and Warner, 1985; Fama, Fisher, Jensen, &and Roll, 1969; Palatnik et al., 2019; Teitler‐Regev &and Tavor, 2022). In this study Tthe event window is calculated during the days t ∈ [-−330, -−31]  and the event window is defined as  t ∈ [-−30, +30].	Comment by Tom Moss Gamblin: Do you mean in your research specifically? If so, insert “In our research” here
We used the abnormal returns (ARs) and the cumulative abnormal returns (CARs) to analyze the responses of the hotel company stock returns of the hotel companies to the Airbnb announcements. We built a market model (MM) to describe the correlation between of hotel company the stock returns of the hotel companies for event i on day t, (Rit), to the market return on that day (Rmt) on under normal circumstances, that is in meaning a situation when no significant unpredictable events happenedoccurred. The market rerun return is represented by the return of on the index of the stock that is tested.: 
(1) ,   t [-330,-31],  iI = 1, 2, …., N.	Comment by Tom Moss Gamblin: Equations should be punctuated as part of the overall text flow, so I’ve inserted some periods for equations where a new sentence starts immediately afterward
The return (Rit) is characterized with weak white noise random variables with E[Rit] = μi for all t, and Var[Rit] =  for all t and Cov[Rit, Rih] = 0 for all t ≠ h.	Comment by Tom Moss Gamblin:  after “variables”
The normal return, E(Rit|It), for information I on day t is based on the ordinary least squares regression with the estimators  and .:
(2) [bookmark: _Hlk34303699],  t  [-[−30,+30],  i = 1, 2, …., N.
Then, tThe abnormal return, ARit, was calculated representing the difference between the actual return and the normal returns for event i on day t, is then calculated:.
(3) [bookmark: _Hlk125393522] ,  t [-30,+30],  i = 1, 2, …., N.
The Sstandardized abnormal return (SAR) is defined as
(4) 
where S(ARi) is the standard deviation of the regression errors in forecasting the abnormal returns (see Campbell et al., 1997).
The cumulative abnormal return for event i on day t (CARit) tests the cumulative influence of an event on over a period of time t  [t1, t2] by summarizing the abnormal returns during the this time of the event:. 
(5) , t  [t1, t2].
The standardized cumulative abnormal return (SCAR) is defined as:
(6) 
where is the cumulative standard deviation of the regression errors in forecasting the abnormal returns. 
In addition, we calculated the cumulative average abnormal return  in the event window as follows:
(7)   .
In order to test the significance of the event window we used three parametric tests and three non-parametric tests. 	Comment by Tom Moss Gamblin: I joined these paragraphs together   
The first parametric test is the well-known ordinary t-test (ORDIN) (see Brown &and Warner, 1985; Campbell et al., 1997), specified as follows:
(8) .
This test has been widely used, for example: in Teitler‐Regev &and Tavor (2022), Luoma (2011),  and Maneenop &and Kotcharin (2020).
The second parametric test, is Patell’s test, that can overcome the weakness of the standard t-test for the fluctuations caused by an event, by standardizinge the abnormal returns of within the event window (see Patell, 1976):.
(9) 
where is the average of the standard deviations of the CAR values and L1 represents the number of days in the estimation window. 	Comment by Tom Moss Gamblin: Paragraphs joined
This test was used by Luoma (2011), Drechsler et al. (2019), and Buigut &and Kapar (2020).
[bookmark: _Hlk126752269]The third parametric test is uses the Sstandardized Ccross-Ssectional Aapproach which and is also known as the Boehmer, Mucumeci, and Poulsen (BMP) test (see Boehmer et al., 1991):.
(10) 
where  is the cross section of the standard deviations for the SCAR values. 
This test was has been used by researchers like including Luoma (2011), Tahir et al. (2020), and Allen (2021).
[bookmark: _Hlk126752324]The first test for the non-parametric test is the Rrank Ttest. In order to implement the rank this tests, we have to change assign the abnormal returns of each firm in a rank (K) through the integrated time period (T) that includes both the estimation and the event windows (T). The test compares the ranks during the event period for each firm, with the expected rank () (Corrado, 1989):.	Comment by Tom Moss Gamblin: Please check that my edits (change “change” to “assign”, moving (T) next to integrated time period) capture your intended meaning
(11) 
where   is the average rank in the event window, L2 is the number of days in the event window that is are tested, and represent the ranked standard deviation for the estimation period and the event integrated time period. 	Comment by Tom Moss Gamblin: Paragraphs joined
This tests was used by researchers like Luoma (2011), Hussain et al. (2011), and Pandey &and Kumari (2021).
[bookmark: _Hlk126752597]The second test for the non-parametric test is the GRANK-Z test. wWe define the Ggeneralized Sstandardized Aabnormal Rreturn (GSAR) as following Kolari &and Pynnonen (2011):
(12) 
The de-meaned standardized abnormal ranks of the GSARit are: given by
(13) 
and the GRANK-Z test statistic is:
(14) 
Wwhere  and  is are the average de-meaned standardized abnormal ranks of the GSARit in and the event window and  is the standard deviation of the average Uit respectively in the estimate window for event i on day t. This test was used by researchers like Dashdondog (2021) and Fotaki, Kourtis, &and Markellos (2021). 
[bookmark: _Hlk126403988][bookmark: _Hlk126417903]The third test for the non-parametric test is the Wilcoxon Ssigned-Rranks Ttest (WSRT). This test considers that both the power and the sign of the abnormal returns and the sign are important (see Gibbons &and Chakraborti, 2014; Wilcoxon, 1945) and is defined as follows:
(15) 
where is the positive rank of the absolute value of the cumulative abnormal real exchange rate return. 
This test was recently used by Kirana &and Sembel (2019), Zoungrana et al. (2021), and Isynuwardhana &and Putri (2021).

Empirical rResults

Descriptive statistics
Descriptive statistics
Table 1 presents the descriptive statistics for key market index yields of the 10 countries that were tested in this research, as well as the MSCI wWorld index.
Table 1
Descriptive statistics of the market indices	Comment by Tom Moss Gamblin: I suggest that you say “market index yields” because otherwise, one would tend to assume e.g. that the “average” for the S&P 500 is just the mean of all 798 collected values of the index
	Country
	Index
	N
	Mean
	Std. Dev.
	Min.
	Median
	Max.

	USA
	S&P 500
	798
	0.052
	0.799
	−-4.100
	0.050
	4.960

	France
	CAC 40
	812
	0.030
	0.948
	−-8.040
	0.010
	4.140

	Australia
	S&P/ASX 200
	803
	0.030
	0.721
	−-3.200
	0.070
	3.340

	India
	BSE Sensex 30
	570
	0.067
	0.686
	−-2.580
	0.080
	2.210

	Japan
	Nikkei 225
	807
	0.033
	1.202
	−-7.920
	0.050
	7.160

	UK
	FTSE 100
	803
	0.028
	0.796
	-−3.150
	0.050
	3.580

	China
	Shanghai SE 50
	771
	0.056
	1.115
	−-5.330
	0.050
	6.280

	Germany
	DAX
	803
	0.028
	0.987
	−-6.820
	0.060
	3.510

	Thailand
	SET 100
	777
	0.038
	0.767
	−-3.280
	0.070
	4.420

	Spain
	IBEX 35
	812
	0.014
	1.103
	−-12.350
	0.030
	3.760

	World
	MSCI World 
	827
	0.040
	0.665
	−-4.900
	0.050
	3.090


Note: The values of the mean, standard deviation, minimum, median, and maximum are presented in the table as percentages. The collected country indices presented are the leading indices in each country.
As can be seen from the tTable 1, the country with the daily highest average daily yield is India, and it is equal with 0.067%. The country with the lowest average daily yield is Spain where it is equal at 0.014%. The country with the most fluctuatinge index is Japan with 1.202% standard deviation, while India has the most solid yield of with 0.6868%.  Moreover, it can be seen the yield of the world income is in approximately in the middle at 0.04%; and it has the lowest volatility at 0.665%.	Comment by Tchai Tavor: גם כאן

Effect of the announcement with a general location vs. an exact location on hotel company the share prices of the hotel companies
In this section we use MM our market model to estimate the effect of announcements on Airbnb on the returns of on the stocks of hotel companies for two types of announcements: 48 announcements with an exact location relating to 145 events of for the hotel companies in the area, and 132 announcements with a general location including 969 events of for the hotel companies in the area. Figure 1 describes the behavior of CAAe-−30,+30 during the 61-day event window around the day of the event for the two types of announcements from day (-−30) before the announcements to day (+30) after the announcements. Panels A and B in tTable 2 presents the results of the cumulative abnormal return results for announcementss with general and exact locations, and Panel B presents the results of the cumulative abnormal return for announcements with exact locationrespectively.
The results appear in two types of windows. In the first type, of window 4 four windows are presented around the day of the event: [−-1,+1], [-−3,+1][footnoteRef:1], [-−5,+5], and [−-10,+10]. In the second type of window, we investigated three pre-event windows, [−-3,0], [−-2,0], and [−-1,0], the event day window [0,0], and three post-event windows [0,1], [0,2], and [0,3]. In column two 2 we present the results of the  results for each window, in columns 3-–5 the results of the three parametric tests (ORDIN, PATELL, and BMP) and in columns 6-–8 the results of the three non-parametric tests (RANK, GRANK-Z, and WSRT). [1:   The event window with the strongest impact of posting announcements on Airbnb.] 

[bookmark: _Hlk125556659]
Table 2
The behavior of the cCumulative abnormal return (CAR) for the general location and exact location 
	Panel A: General location

	Daily time
	CAR(%)
	ORDIN
	PATELL
	BMP
	RANK
	GRANK-Z
	WSRT

	Event window surrounding the event day

	CAR[-−1,+1]
	 0.019
	 0.174
	-−0.999
	-−0.913
	 0.427
	 0.565
	 0.461

	CAR[-−3,+1]
	 0.026
	 0.183
	-−1.140
	-−0.954
	 1.880*
	 1.078
	-−1.247

	CAR[-−5,+5]
	 0.160
	 0.771
	-−0.360
	-−0.306
	-−0.723
	 0.803
	 0.383

	CAR[-−10,+10]
	 0.116
	 0.405
	-−1.855*
	-−1.637
	 4.387***
	 1.974*
	 1.956*

	Pre-−event and post-−event window

	CAR[-−3,0]
	 0.029
	 0.231
	-−0.774
	-−0.646
	 1.277
	 0.841
	 0.950

	CAR[-−2,0]
	 0.043
	 0.393
	-−0.386
	-−0.318
	 0.756
	 0.718
	 0.762

	CAR[-−1,0]
	 0.022
	 0.249
	-−0.516
	-−0.473
	 0.538
	 0.520
	 0.325

	CAR[0,0]
	 0.033
	 0.524
	 0.365
	 0.372
	-−0.270
	-−0.275
	-−0.896

	CAR[0,+1]
	 0.030
	 0.334
	-−0.450
	-−0.436
	-−0.361
	-−0.038
	-−0.518

	CAR[0,+2]
	-−0.030
	-−0.268
	-−1.471
	-−1.414
	 0.343
	 0.442
	 0.231

	CAR[0,+3]
	 0.094
	 0.747
	 0.404
	 0.372
	-−2.369**
	-−0.318
	-−1.214

	Panel B: Exact location

	Daily time
	CAR(%)
	ORDIN
	PATELL
	BMP
	RANK
	GRANK-−Z
	WSRT

	Event window surrounding the event day

	CAR[-−1,+1]
	-−1.149
	-−4.785***
	  -−8.905***
	-−2.325**
	6.002***
	2.222**
	3.527***

	CAR[-−3,+1]
	-−1.683
	-−5.431***
	-−10.156***
	-−3.082***
	8.519***
	2.705***
	4.067***

	CAR[-−5,+5]
	-−1.268
	-−2.759***
	  -−5.242***
	-−2.223**
	6.527***
	1.849*
	2.716***

	CAR[-−10,+10]
	-−1.525
	-−2.401**
	  -−4.482***
	-−2.410**
	7.724***
	1.854*
	2.797***

	Pre-−event and post-−event window

	CAR[-−3,0]
	-−1.449
	-−5.227***
	-−10.060***
	-−3.051***
	6.527***
	2.530**
	3.691***

	CAR[-−2,0]
	-−1.219
	-−5.079***
	  -−9.539***
	-−2.786***
	4.511***
	2.306**
	3.470***

	CAR[-−1,0]
	-−0.915
	-−4.666***
	  -−9.075***
	-−2.259**
	3.265***
	2.019**
	3.186***

	CAR[0,0]
	-−0.671
	-−4.841***
	  -−8.068***
	-−5.178***
	3.838***
	3.314***
	4.781***

	CAR[0,+1]
	-−0.905
	-−4.618***
	  -−7.536***
	-−3.228***
	3.845***
	2.006**
	2.929***

	CAR[0,+2]
	-−0.807
	-−3.362***
	  -−5.636***
	-−2.907***
	3.629***
	1.759*
	2.533**

	CAR[0,+3]
	-−0.884
	-−3.189***
	  -−5.333***
	-−3.188***
	4.239***
	1.808*
	2.590***



[bookmark: _Hlk126752913]Note: Panel A and panel B represents the cumulative abnormal returns of for general location and exact location, respectively. The parametric tests in columns 3-–5 include the t-statistics (displayed as ORDIN), the Patell test (displayed as PATELL), and the Sstandardized Ccross-Ssectional Aapproach (displayed as BMP). The non-parametric tests in columns 6-–8 include the Corrado rank test (displayed as RANK), the Ggeneralized Sstandardized Aabnormal Rreturn (displayed as GRANK-Z), and the Wilcoxon signed-rank test (displayed as WSRT). For p-values., *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels, respectively.

Figure 1
The cCumulative average abnormal return (CAAR) behavior during the 61-day event window surrounding the event day for the general location and exact location 
[image: ]
[bookmark: _Hlk127174697]Note: The horizontal axis shows the days relative to the event day t = 0. The dashed lines denote the 95% confidence intervals. The lines in black shades and gray indicate the CAAR-−30,+30 for exact and general location, and the lines in gray shades indicate the CAAR-30,+30 for general locationrespectively.

Panel A in tTable 2 and fFigure 1 shows that generally, announcements published on the Airbnb website that has with a general location does do not effect on the affect hotel company stock prices of hotel companies except for the [−-10,+10] window, that which shows an increase of CAR-10,+10 = 0.116. This window is significant for all the nonparametric tests and as well as the PATELL parametric tests. In addition, there is a significant difference according to the RANK tests in the [-−3,+1] and [0,+3] windows. It can be assumed that investors that sees seeing general announcements without an exact location does do not change their investment strategy, and therefore the prices of hotel’s stocks do not change significantly. 
The results presented in panel B present a different picture, where with announcements with an exact location negatively affecting the hotel’s stock prices in the area of the announcement; and the is negative for all types of windows tested. Analyzing the statistical tests shows that the most significant results is are in the PATELL parametric tests and the RANK non-parametric tests. The By window, the most significant results occur in the window [−-3,+1] when the with CAR−-3,+1= -−1.683% and the Mmean Aabsolute Vvalue Ttest (MAVT) equal to 5.660. The pre-event and post-event window analyses reveal that the most significant results occur in the window [-−3,0] when with CAR-−3,0 = -−1.449% (MAVT = 5.181), in the window [0,0] when with CAR0,0 = -−0.671% (MAVT = 5.003), and in the window [0,+1] when with CAR0,+1 = -−0.905% (MAVT = 4.027).
This result shows that most of the influence of announcements with exact location occur during the 5 five days around the event window [-−3,+1[. That is, investors with inside information can use this information and to short- sell the stocks of hotel companies three days before the announcements and close this position one day after the announcement and gain for an excess profit of 1.683%.
To strengthen the significant results obtained received for announcements with exact location we present two additional figures: Ffigures 2 and figure 3. Figure 2 presents shows the results of the parametric and non-parametric tests during the 21 days around the event day, beginning from on the 10th tenth day before the announcement was published, and ending 10 ten days after the announcement was published.  In the figure tThe dashed horizontal lines denote statistical significance at the 5% level. The lines in black and gray shades indicate the results of the parametric tests and the lines in gray shades indicate the results of the non-parametric tests respectively.	Comment by Tom Moss Gamblin: The usual rule is: spell out whole numbers from zero to ten, then use numerals for 11, 12, …
Figure 2
The results of the pParametric and non-parametric tests results during 231 days around the event
[image: ]
Note: The horizontal axis shows the days relative to the event day t = 0. The dashed horizontal lines denote statistical significance at the 5% level. The lines in black shades and gray indicate the results of the parametric tests and the lines in gray shades indicate the results of the non-parametric tests respectively.

Analyzing the figure, it can be seen that the trends in the parametric and nonparametric tests is are usually generally opposite to the trend in the non-parametric tests. The most volatileity parametric and nonparametric tests are PATELL in the parametric tests and WSRT in the non-parametric testsrespectively.  In additionAlso, it can be seen that there are five days were when most the majority of the tests are statistically significant at 5%  level:  t = -−10, -−8, -−6, -−2, and 0. However, calculating the strongest effect of the event according to  and significancet statistics shows pinpoints the effect in the [−-3,+1] window.
Figure 3 (below) describes the cumulative percentage of announcements with negative  during the seven days around the event day, beginning three days before the announcement and ending three days after it, for announcements with general location (marked in greay) and announcements with exact location (marked in black). It can be seen in the figure that on average 51.5% of the announcements with general location and 62.1% of those with exact location has have a negative  during the test period and on average 62.1% of the announcements with exact location has negative during that period. The result support the statistically significant benefit received gained from the   in announcements with exact location in all the event windows, compared to the lack of change received in announcements with general location in most of the event windows.
Figure 3
The cumulative percentage of announcements with a negative cumulative abnormal return (CAR) during the 7seven-day event window surrounding the event day for the general location and exact locations
[image: ]
Note: The cColumns in black shades and in gray indicate announcements with a negative cumulative abnormal return for exact and general locations, and the columns in gray shades indicate announcements with a negative cumulative abnormal return for general locationrespectively.

Robustness Checks
This section presents describes two Rrobustness Cchecks to provide corroborating evidence to for the empirical results presented in the previous section. Results of Tthe first Rrobustness test is are presented in tTable 3; and they mirror compare the attention of the investors’ attention in the short term compared to the first test that checked the influence in over the medium term. Panel A of the table present the results for the window [-−10,+10] and panel B the results for window [−-3,+1].	Comment by Tom Moss Gamblin: OK to insert?  Since you already have evidence and here you are strengthening it through robustness
Table 3
The behavior of the cCumulative abnormal return (CAR) behavior for the general location and exact locations in the short term
	 
	Panel A: Event window [−[-10,+10]
	 
	Panel B: Event window [−-3,+1]

	
	General location
	
	Exact location
	
	General location
	
	Exact location

	Daily time
	CAR(%)
	ORDIN
	 
	CAR(%)
	ORDIN
	 
	CAR(%)
	ORDIN
	 
	CAR(%)
	ORDIN

	Event window surrounding the event day

	CAR[-−1,+1]
	 0.012
	 0.112
	
	-−1.143***
	-−4.705
	
	0.012
	0.110
	
	-−1.135***
	-−4.626

	CAR[-−3,+1]
	 0.015
	 0.110
	
	-−1.682***
	-−5.363
	
	0.015
	0.107
	
	-−1.674***
	-−5.283

	CAR[-−5,+5]
	 0.132
	 0.641
	
	-−1.288***
	-−2.768
	
	
	
	
	
	

	CAR[-−10,+10]
	 0.058
	 0.203
	
	-−1.579**
	-−2.457
	
	
	
	
	
	

	Pre-event and post-event windows

	CAR[-−3,0]
	 0.018
	 0.142
	
	-−1.450***
	-−5.167
	
	0.016
	0.129
	
	-−1.443***
	-−5.092

	CAR[-−2,0]
	 0.035
	 0.323
	
	-−1.218***
	-−5.012
	
	0.034
	0.315
	
	-−1.208***
	-−4.924

	CAR[-−1,0]
	 0.014
	 0.164
	
	-−0.911***
	-−4.592
	
	0.013
	0.149
	
	-−0.905***
	-−4.514

	CAR[0,0]
	 0.026
	 0.418
	
	-−0.673***
	-−4.795
	
	0.025
	0.402
	
	-−0.670***
	-−4.727

	CAR[0,+1]
	 0.024
	 0.269
	
	-−0.905***
	-−4.561
	
	0.024
	0.270
	
	-−0.901***
	-−4.495

	CAR[0,+2]
	-−0.037
	-−0.346
	
	-−0.812***
	-−3.342
	
	
	
	
	
	

	CAR[0,+3]
	 0.079
	 0.638
	 
	-−0.897***
	-−3.197
	 
	 
	 
	 
	 
	 


Note: Panels A and panel B represents the cumulative abnormal return in the [-−10,+10] and [-−3,+1] windows respectively. In each panel, the first two columns refer to CAR and t-statistics (displayed as ORDIN) of announcements with general location, and the last two columns refer to CAR and t-statistics (displayed as ORDIN) of announcements with exact location. For p-values,. *, **, and *** denote statistical significance at the 10%, 5,% and 1% levels, respectively.
It can be seen from tThe results of the in tTable 3 show in general that announcements with a general location published on Airbnb does do not affect the hotel stock prices, but announcements with direct specific location do influence the stock price results of the stock prices in all window types. The robustness test also shows that the window with the highest significance is [-−3,+1] when with the CAR-−3,+1 = -−1.682% (ORDIN = -−5.363) and CAR-−3,+1  = -−1.674% (ORDIN = -−5.283) in the [-−10,+10] and [-−3,+1] windows respectively.
The second robustness test, presented in tTable 4, tests the effect of announcements published on Airbnb on the hotel stock prices using two accepted models for calculating normal return: the Iindex Mmodel (IM), which is presented in panel A, and Mmean Aadjusted Rreturns (MAR), which is presented in panel B.
Table 4
The behavior of the cCumulative abnormal return (CAR) behavior according to the IM and MAR models for general locations and an exact locations
	 
	Panel A: Index Model (IM)
	 
	Panel B: Mean Adjusted Returns (MAR)

	
	General location
	
	Exact location
	
	General location
	
	Exact location

	Daily time
	CAR(%)
	ORDIN
	 
	CAR(%)
	ORDIN
	 
	CAR(%)
	ORDIN
	 
	CAR(%)
	ORDIN

	Event window surrounding the event day

	CAR[-−1,+1]
	 0.033
	 0.302
	
	-−1.233***
	-−5.047
	
	-−0.049
	-−0.329
	
	-−0.770**
	-−2.290

	CAR[-−3,+1]
	 0.041
	 0.293
	
	-−1.746***
	-−5.537
	
	-−0.074
	-−0.386
	
	-−1.238***
	-−2.853

	CAR[-−5,+5]
	 0.167
	 0.805
	
	-−1.407***
	-−3.007
	
	-−0.075
	-−0.263
	
	-−0.577
	-−0.896

	CAR[-−10,+10]
	 0.076
	 0.265
	
	-−1.774***
	-−2.745
	
	-−0.068
	-−0.174
	
	-−0.543
	-−0.611

	Pre-event and post-event windows

	CAR[-−3,0]
	 0.043
	 0.348
	
	-−1.430***
	-−5.069
	
	-−0.112
	-−0.650
	
	-−1.138***
	-−2.931

	CAR[-−2,0]
	 0.057
	 0.530
	
	-−1.201***
	-−4.915
	
	-−0.056
	-−0.377
	
	-−0.968***
	-−2.880

	CAR[-−1,0]
	 0.035
	 0.398
	
	-−0.917***
	-−4.596
	
	-−0.086
	-−0.710
	
	-−0.670**
	-−2.440

	CAR[0,0]
	 0.047
	 0.753
	
	-−0.681***
	-−4.827
	
	-−0.090
	-−1.043
	
	-−0.472**
	-−2.432

	CAR[0,+1]
	 0.045
	 0.504
	
	-−0.997***
	-−4.998
	
	-−0.052
	-−0.430
	
	-−0.572**
	-−2.085

	CAR[0,+2]
	-−0.003
	-−0.032
	
	-−0.965***
	-−3.952
	
	-−0.164
	-−1.101
	
	-−0.417
	-−1.239

	CAR[0,+3]
	 0.109
	 0.873
	 
	-−1.069***
	-−3.790
	 
	-−0.090
	-−0.522
	 
	-−0.350
	-−0.900


[bookmark: _Hlk127344209]Note: Panels A and panel B represents the cumulative abnormal return according to the Iindex Mmodel (IM) and Mmean Aadjusted Rreturns (MAR) respectively. In each panel, the first two columns refer to CAR and t-statistics (displayed as ORDIN) of announcements with general location, and the last two columns refer to CAR and t-statistics (displayed as ORDIN) of announcements with exact location. For p-values,. *, **, and *** denote statistical significance at the 10%, 5%, and 1% levels, respectively.
This table as well also leads to the conclusion that generally, announcements with general location posted in on the Airbnb site does do not affect the hotel stock prices. On For announcements with an exact location there is an effect is seen on the stock prices for all types of windows by the IM model, that which considers the market return as a basis for calculatingon the normal return like as in the MM market model. In the MAR model, most windows show an aeffect, but not all of them.  A possible explanation is that this model does not include the market return in calculating the normal return, only the average of historical returns of on each stock. The second robustness tests also again shows that the window with the highest significancet is [-3,+1]  for announcements with an exact location is [−3,+1],: when the with CAR-−3,+1 = −-1746% (ORDIN = -−5.537) and CAR-−3,+1 = -−1.238% (ORDIN = -−2.853) according to IM and MAR respectively.
In summary, it can be seen that both robustness tests show similar results to the main test,. That is, namely that announcements with general location published on the Airbnb website does do not affect the hotel stock prices, while announcements with an exact location have a negative effect on hotel stock prices. This leads to two major conclusions. The first is that investors with inside information that who are exposed to announcements with an exact location on Airbnb site can short- sell the hotel stocks in the area addressed by the an announcements address three days before the announcements is posted and close the position one day after the announcements and to make an excess profit. The second conclusion is that Airbnb provides a substitution to the hotel services. 
Conclusions and Policy Implications
The event study method is generally used in order to showe that news and company’s announcements have an effect on the stock markets. This paper uses the event study approach to measure the effect of announcements published on the Airbnb website on the hotel stock prices). This research uses several parametric and non- parametric tests to increase the robustness of the results. The results of the different various tests indicate that for announcements with general location there is no aeffect the on stock prices, however but that when the an announcement has an exact location it negatively affects the stock prices. These results hold in with the parametric and non- parametric tests and in as well as the robustness tests. The results can help the investors to develop an investment strategy, and also strengthen the claim that Airbnb is a substitute to hotels.  In addition, governments and local municipalities that consider deciding whether to restrict Airbnb need to consider its negative effect on the hotels in the area. 


References
Airbnb (n.d.). Fast facts. Retrieved from https://press.Airbnb.com/fast-facts
Arcuri, M. C., Gai, L., Ielasi, F., & Ventisette, E. (2020). Cyber attacks on hospitality sector: Stock market reaction. Journal of Hospitality and Tourism Technology, 11(2), 277–290.
Alkhatib, A., & Harasheh, M. (2018). Performance of Eexchange Ttraded Ffunds during the Brexit referendum: An event study. International Journal of Financial Studies, 6(3), 64.‏
Allen, J. S. (2021). Do targeted trade sanctions against Chinese technology companies affect US firms? Evidence from an event study. Business and Politics, 23(3), 330–-343.‏
Ball. C.l,iflord and & Walter Torous, W, (1988). Investigating security price performance in the presence of event-dalte uncertainty. Journal of Financial Economics, 22., 113-–154. 
Ball, R., & Brown, P. (1968). An empirical evaluation of accounting income numbers. Journal of aAccounting rResearch, 159–-178.‏	Comment by Tom Moss Gamblin: Vol/issue number missing?
Barron, K., Kung, E., & Proserpio, D. (2021). The effect of home-sharing on house prices and rents: Evidence from Airbnb. Marketing Science, 40(1), 23–-47.‏
Belarmino, A., Ozdemir, O., and & Dogru, T. (2021)., “Always local?: eExamining the relationship between peer-to-peer accommodations and restaurants.”, Journal of Hospitality and Tourism Management, Vol. 48, pp. 289-–300.
Benitez-Aurioles, B., & Tussyadiah, I. (2020). What Airbnb does to the housing market. Annals of Tourism Research, 90, 103108.‏
Biancoa, S., Zach, F. J., & Liu, A. (2022). Early and late-stage startup funding in hospitality: Effects on incumbents' market value. Annals of Tourism Research doi:10.1016/j.annals.2022.103436 	Comment by Tom Moss Gamblin: Vol/issue and page info?
Biancob, S., Zach, F. J., & Singal, M. (2022). Disruptor recognition and market value of incumbent firms: Airbnb and the lodging industry. Journal of Hospitality & Tourism Research, 10963480221085215.‏ 	Comment by Tom Moss Gamblin: Is this correct?
Bibler, A., Teltser, K., & Tremblay, M. J. (2022). Short-Tterm Rrentals, Hhome Pprices, and Hhousing Aaffordability: Evidence from Airbnb Rregistration Eenforcement. Andrew Young School of Policy Studies Research Paper Series, Fforthcoming.‏
Blal, I., Singal, M., and & Templin, J. (2018). Airbnb’s effect on hotel sales growth. International Journal of Hospitality Management, 73, 85–-92.‏
Bloom, B. A., & Jackson, L. A. (2016). Abnormal stock returns and volume activity surrounding lodging firms’ CEO transition announcements. Tourism Economics, 22(1), 141–161.
Boehmer, E., Masumeci, J., & Poulsen, A. B. (1991). Event-study methodology under conditions of event-induced variance. Journal of fFinancial eEconomics, 30(2), 253-–272.‏
Botsman, R., and & Rogers, R. (2011). What’s mine is yours: How collaborative consumption is changing the way we live. London: Collins.
Botsman, R., and Rogers, R. (2011). What’s mine is yours: How collaborative consumption is changing the way we live. London: Collins.
Brown, S. J., & Warner, J. B. (1980). Measuring security price performance. Journal of Financial Economics, 8, 205–258. 
Brown, S. J., and & Warner, J. B. (1985). Using daily stock returns: The case of event studies. Journal of Financial Economics, 14(1), 3-–31.‏ 
Buigut, S., & Kapar, B. (2020). Effect of Qatar diplomatic and economic isolation on GCC stock markets: An event study approach. Finance Research Letters, 37, 101352.‏
Campbell, J. Y., Lo, A. W., & MacKinlay, A. C. (1997). The Eeconometrics of. Ffinancial Mmarkets.‏ Princeton University Press:, Princeton, New JerseyNJ.
Carter, D., Mazumder, S., Simkins, B., & Sisneros, E. (2022). The stock price reaction of the COVID-19 pandemic on the airline, hotel, and tourism industries. Finance Research Letters, 44, Article 102047.
Che Ahmat, N. H., Kim, J., & Arendt, S. W. (2023). Examining the impact of minimum wage policy on hospitality financial performance using event study method. International Journal of Hospitality & Tourism Administration, 24(1), 98-–122.‏ 
Choi, T. M., & He, Y. (2019). Peer-to-peer collaborative consumption for fashion products in the sharing economy: Platform operations. Transportation Research Part E: Logistics and Transportation Review, 126, 49–-65.‏
Clark, J., Mauck, N., & Pruitt, S. W. (2021). The financial impact of COVID-19: Evidence from an event study of global hospitality firms. Research in International Business and Finance, 58, Article 101452.
Campbell, C., & Wasley, C. (1993). Measuring Ssecurity Pprice Pperformance Uusing Ddaily NASDAQ Rreturns. Journal of Financial Economics, 33, 73–92. http://dx.doi.org/10.1016/0304-405X(93)90025-7
Corrado, C. J. (1989). A nonparametric test for abnormal security-price performance in event studies. Journal of financial economics, 23(2), 385–-395.‏
Corrado, C. J., & Truong, C. (2008). Conducting Eevent Sstudies with Asia-–Pacific Ssecurity Mmarket Ddata. Pacific-Basin Finance Journal, 16, 493–521. http://dx.doi.org/10.1016/j.pacfin.2007.10.005
Corrado, C. J., and & Zivney, T. L. (1992). The specification and power of the sign test in event study hypothesis tests using daily stock returns. Journal of Financial and Quantitative Analysis, 465-–478.‏	Comment by Tom Moss Gamblin: Vol/issue number missing?
Cowan, A. R. (1992). Nonparametric Eevent Sstudy Ttests. Review of Quantitative Finance and Accounting, 2, 343– 358. http://dx.doi.org/10.1007/BF00939016
Dann, D., Teubner, T., and Weinhardt, C. (2019). Poster child and Guinea pig – insights from a structured literature review on Airbnb. International Journal of Contemporary Hospitality Management, 31(1), 427–473.
Das, D., Dutta, A., Bhadra, A., & Uddin, G. S. (2020). Role of presidential uncertainties on the hotel industry. Annals of Tourism Research, 81(C).	Comment by Tom Moss Gamblin: Page info?
Dashdondog, M. O. (2021). Applications of event study methodology for measuring of a market reaction (Doctoral dissertation, Masarykova univerzita, Ekonomicko-správní fakulta).‏
Dogru, T. (2017). Under- vs over-investment: Hotel firms’ value around acquisitions. International Journal of Contemporary Hospitality Management, 29(8), 2050–2069.
Dogru1a , T., Mody, M., Line, N., Suess, C., Hanks, L., and & Bonn, M. (2020). Investigating the whole picture: Comparing the effects of Airbnb supply and hotel supply on hotel performance across the United States. Tourism Management, 79, 104094.‏
Dogru2b, T., Hanks, L., Mody, M., Suess, C., and Sirakaya-Turk, E. (2020). The effects of Airbnb on hotel performance: Evidence from cities beyond the United States. Tourism Management, 79, 104090.‏
Dogru3c, T., Mody, M., Suess, C., McGinley, S., & Line, N. D. (2020). The Airbnb paradox: Positive employment effects in the hospitality industry. Tourism Management, 77, 104001.‏
Dolley, J. C. (1933). Characteristics and procedure of common stock split-ups. Harvard Business Review, 11, 316–326.
Dolnicar, S. (2019). A review of research into paid online peer-to-peer accommodation: Launching the Annals of Tourism Research Curated Collection on peer-to-peer accommodation. Annals of Tourism Research, 75, 248–-264.‏
Dolnicar, S. (2021). Sharing economy and peer-to-peer accommodation:– aA perspective paper. Tourism Review, 76(1), 34–-37.‏ 
Drechsler, K., Wagner, H. T., & Reibenspiess, V. A. (2019). Risk and return of chief digital officers’ appointment: –An event study.‏	Comment by Tom Moss Gamblin: Missing info?
Dutta, A. (2014). Parametric and nonparametric event study tests: A review.‏	Comment by Tom Moss Gamblin: Missing info?
Hussain, R. Y., Ahmad, I., Hussain, H., Usman, M., & Khan, S. (2021). Domestic Ooil Pprice Rreductions Aand Aautomobile & Sspare Pparts Iindustry Sstocks:; An Aapplication Oof Eevent Sstudy. Ilkogretim Online, 20(2), 778−-786.‏ 


Fama, E. F., Fisher, L., Jensen, M. C., & Roll, R. (1969). The adjustment of stock prices to new information. International Economic Review, 10(1), 1–-21.‏
Fama, E. F. (1970). Efficient capital markets: A review of theory and empirical work. The jJournal of Finance, 25(2), 383–-417.‏
Farmaki, A., and & Kaniadakis, A. (2020), “Power dynamics in peer-to-peer accommodation: iInsights from Airbnb hosts”,. International Journal of Hospitality Management, Vol. 89, 102571.
Fotaki, M., Kourtis, A., & Markellos, R. (2021). Human resources turnover as an asset acquisition and divestiture process: Evidence from the UK football industry. International Journal of Finance & Economics.‏	Comment by Tom Moss Gamblin: Missing page info?
Gansky, L. (2011, August 25). 'Do more, own less: A grand theory of the sharing economy'. The Atlantic. Retrieved from http://www.theatlantic.com/business/archive/2011/08/do-more-own-less-a-grand-theory-of-the-sharing-economy/244141/
Garcia-López, M. À., Jofre-Monseny, J., Martínez-Mazza, R., & Segú, M. (2020). Do short-term rental platforms affect housing markets? Evidence from Airbnb in Barcelona. Journal of Urban Economics, 119, 103278.‏
[bookmark: _Hlk120894149]Gibbons, J. D., & Chakraborti, S. (2014). Nonparametric statistical inference. CRC Press.‏
Gupta, M., Esmaeilzadeh, P., Uz, I., & Tennant, V. M. (2019). The effects of national cultural values on individuals' intention to participate in peer-to-peer sharing economy. Journal of bBusiness rResearch, 97, 20-–29.‏
Gonçalves, D. M. V. D. V. (2020). Should we ban AirBnB? Short-term rental regulation and housing prices (Doctoral dissertation).‏	Comment by Tom Moss Gamblin: Is this correct?
Gutiérrez, J., García-Palomares, J. C., Romanillos, G., and& Salas-Olmedo, M. H. (2017). The eruption of Airbnb in tourist cities: Comparing spatial patterns of hotels and peer-to-peer accommodation in Barcelona. Tourism Management, 62, 278-–291.‏ 
Guttentag, D., and& Smith, S.L. (2017)., “Assessing Airbnb as a disruptive innovation relative to hotels: sSubstitution and comparative performance expectations.”, International Journal of Hospitality Management, Vol. 64, pp. 1-–10.
Gyodi, K. (2019),. “Airbnb in European cities: bBusiness as usual or true sharing economy?”, Journal of Cleaner Production, Vol. 221, pp. 536-–551.
Isynuwardhana, D., & Putri, M. L. (2021). Event study analysis before and after covidCOVID-19 in Indonesia. Academy of Accounting and Financial Studies Journal, 25(6), 1-–11.‏
Jiang, J., Wang, I. Y., & Xie, Y. (2015). Does it matter who serves on the financial accounting standards board? Bob Herz’s resignation and fair value accounting for loans. Review of Accounting Studies, 20(1), 371–394.
Ke, L., T. O’Brien, D., & Heydari, B. (2021). Airbnb and neighborhood crime: The incursion of tourists or the erosion of local social dynamics?. PLoS one, 16(7), e0253315.‏
Kim, S. D. (2021). The valuation effects of hotel mergers. Tourism Economics, Article 13548166211050475.
Kirana, N., & Sembel, R. (2019). The Eeffect of Ppolitical Eevents on the Indonesian Sstock Mmarket: An Eevent Sstudy of the Presidential Eelection on LQ45 Index Sstocks. International Journal of Business, Economics and Law, 19(1), 40–-49.‏
Kolari, J.W., &  Pynnönen, S. (2010) Event study testing with cross-sectional correlation of abnormal returns. Review of Financial Studies, 23, pp. 3996-–4025.
Kolari, J. W., & Pynnonen, S. (2011). Nonparametric rank tests for event studies. Journal of Empirical Finance, 18(5), 953–-971.‏
Lee, D., & Mas, A. (2012). Long-run impacts of unions on firms: nNew evidence from financial markets, 1961-–1999. Quarterly Journal of Economics, 127(1), 333–378.
Levendis, J., & Dicle, M. F. (2016). The economic impact of Airbnb on New Orleans. Available at SSRN 2856770.‏
Luoma, T. (2011). Nonparametric event study tests for testing cumulative abnormal returns.‏
Mao, Y., Tian, X., & Ye, K. (2018). The real effects of sharing economy: Evidence from Airbnb.‏	Comment by Tom Moss Gamblin: Missing info?
Markoulis, S., & Neofytou, N. (2019). The impact of terror attacks on global sectoral capital markets: An empirical study. The Economics of Peace and Security Journal, 14(1).	Comment by Tom Moss Gamblin: Page info?
Nicolau, J. L., & Sharma, A. (2022). A review of research into drivers of firm value through event studies in tourism and hospitality: Launching the Annals of Tourism Research cCurated cCollection on drivers of firm value through event studies in tourism and hospitality. Annals of Tourism Research, 95, 103430.‏
Maneenop, S., & Kotcharin, S. (2020). The impacts of COVID-19 on the global airline industry: An event study approach. Journal of aAir tTransport mManagement, 89, 101920.‏
Martın Martın, J.M., Rodriguez Martın, J.A., ZermenoMejıa, K.A., and& Salinas Fernandez, J.A. (2018)., “Effects of vacation rental websites on the concentration of tourists: —pPotential environmental impacts. An application to the Balearic Islands in Spain.”, International Journal of Environmental Research and Public Health, Vol. 15 No. (2), p. 347.	Comment by Tom Moss Gamblin: Pls check repetition
Palatnik, R. R., Tavor, T., & Voldman, L. (2019). The Ssymptoms of Iillness: Does Israel Ssuffer from “Dutch Disease””? Energies, 12(14), 2752.‏
Pandey, D. K., & Kumari, V. (2021). Event study on the reaction of the developed and emerging stock markets to the 2019-nCoV outbreak. International Review of Economics & and Finance, 71, 467–-483.‏ 

Patell, J. M. (1976). Corporate forecasts of earnings per share and stock price behavior: Empirical test. Journal of aAccounting rResearch, 246–-276.‏	Comment by Tom Moss Gamblin: Vol/issue?
Papakyriakou, P., Sakkas, A., & Taoushianis, Z. (2019). The impact of terrorist attacks in G7 countries on international stock markets and the role of investor sentiment. Journal of International Financial Markets, Institutions and Money, 61, 143–-160.‏
Sainaghi, R., and& Baggio, R. (2020). Substitution threat between Airbnb and hotels: Myth or reality? Annals of Tourism Research, 83, 102959.‏
Sakawa, H., & Watanabel, N. (2022). Impact of the COVID-19 outbreak on stock market returns: Evidence from Japanese-listed tourism firms. Applied Economics, 1–5.	Comment by Tom Moss Gamblin: Vol/issue?
Schneiders, A., Fell, M. J., & Nolden, C. (2022). Peer-to-peer electricity trading and the sharing economy: sSocial, markets and regulatory perspectives. Energy Sources, Part B: Economics, Planning, and Policy, 17(1), 2050849.‏ 
Sharma, A., & Nicolau, J. L. (2020). An open market valuation of the effects of COVID-19 on the tourism and travel industry. Annals of Tourism Research, forthcoming.
Shin, H., Sharma, A., Nicolau, J. L., & Kang, J. (2021). The impact of hotel CSR for strategic philanthropy on booking behavior and hotel performance during the COVID-19 pandemic. Tourism Management, 85, Article 104322.
Sorescu, A., Warren, N. L., & Ertekin, L. (2017). Event study methodology in the marketing literature: aAn overview. Journal of the Academy of Marketing Science, 45, 186-–207.‏
Sundararajan, A. (2013, January 3). 'From Zipcar to the sharing economy'. Harvard Business Review. Retrieved from https://hbr.org/2013/01/from-zipcar-to-the-sharing-eco/
Teitler‐Regev, S., & Tavor, T. (2022). The effect of Airbnb announcements on hotel stock prices. Australian Economic Papers.‏
TAHIRTahir, S. H., TahirTAHIR, F., SYEDSyed, N., AHMADAhmad, G., & ULLAHUllah, M. R. (2020). Stock market response to terrorist attacks: An event study approach. The jJournal of Asian fFinance, eEconomics and bBusiness, 7(9), 31-–37.‏
Teitler-Regev, S., & Tavor, T. (2022). The effect of Airbnb announcements on hotel stock prices. Australian Economic Papers, 1–23. https://doi.org/ 10.1111/1467-8454.12281	Comment by Tom Moss Gamblin: Vol/issue info?
van Holm, E. J. (2020). Evaluating the impact of short-term rental regulations on Airbnb in New Orleans. Cities, 104, 102803.
Varma, A., Jukic, N., Pestek, A., Shultz, C.J., and& Nestorov, S. (2016)., “Airbnb: eExciting innovation or passing fad?”, Tourism Management Perspectives, Vol. 20, pp. 228-–237.
Viljoen, R. M. (2016). The reaction of South African dual-listed stock prices to international public announcements (Doctoral dissertation, North-West University (South Africa), Potchefstroom Campus).‏
Yang, Y., Nieto García, M., Viglia, G., and& Nicolau, J. L. (2021). Competitors or Ccomplements: A Mmeta-analysis of the Eeffect of Airbnb on Hhotel Pperformance. Journal of Travel Research, 00472875211042670.‏	Comment by Tom Moss Gamblin: Info correct?  Indicate type of info
Wilcoxon, F. (1945). Individual comparisons by ranking methods (1945). Breakthroughs in Statistics, 196−-202.‏	Comment by Tom Moss Gamblin: Vol/issue?
Wu, W., Lee, C. C., Xing, W., & Ho, S. J. (2021). The impact of the COVID-19 outbreak on Chinese-listed tourism stocks. Financial Innovation, 7(1), 1–18.
Zervas, G., Proserpio, D., & Byers, J. W. (2017). The rise of the sharing economy: Estimating the impact of Airbnb on the hotel industry. Journal of mMarketing rResearch, 54(5), 687–-705.‏
Zivney, T. L., & Thompson, D. J. (1989). The Sspecification and Ppower of the Ssign Ttest in Mmeasuring Ssecurity Pprice Pperformance: Comments and Aanalysis. The Financial Review, 24, 581–588. http://dx.doi.org/10.1111/j.1540-6288.1989.tb00362.x
Zoungrana, T. D., Toe, D. L. T., & Toé, M. (2021). CovidCOVID‐19 outbreak and stocks return on the West African Economic and Monetary Union's stock market: An empirical analysis of the relationship through the event study approach. International Journal of Finance & Economics.‏	Comment by Tom Moss Gamblin: Missing info?








2

Appendix A
	Location

	North America
	 
	Europe

	USAUnited States
	 
	France
	United Kingdom
	Germany
	Spain

	Company

	Braemar Hotels & Resorts Inc.
	Accor SAa
	Accor SAa
	Accor SAa
	Melia Hotels International SAa

	Choice Hotels International, Inc.
	Pierre Et Vacances SaA
	Intercontinental Hotels Group PlcPLC
	Hilton Worldwide Holdings, Inc.
	NHh Hotel Group SAa

	City Holding Company
	Intercontinental Hotels Group PLCPlc
	Orascom Development Holding Ltd

	Hyatt Hotels Corporation
	Malin Corporation PLCPlc
	Intercontinental Hotels Group PLCPlc

	Intercontinental Hotels Group PLCPlc
	Melia Hotels International SAa
	Pierre Et Vacances SAa

	Summit Hotel Properties, Inc.
	Mid Wynd International Investment Trust PLC

	Marriott International, Inc.
	
	
	

	Pebblebrook Hotel Trust
	
	
	

	Sunstone Hotel Investors, Inc.
	
	
	

	Sotherly Hotels Inc.
	
	
	

	Starwood Property Trust, Inc.
	
	
	

	Xenia Hotels & Resorts, Inc.
	
	
	

	Advisorshares Vice
	
	
	

	Wynd Hotel & Banquet
	
	
	

	Location

	Australiasia
	 
	Asia

	Australia
	 
	India
	Japan
	China
	Thailand

	Company

	Hotel Property iInvestment
	Brigade Enterprises LimitedLtd
	Fujita Kanko Inc.
	Great Eagle Holdings LimitedLtd
	MBK Hotel & Tourism (MBK PLC)

	
	
	Eih LimitedLtd
	Imperial Hotel, Ltd.
	Huangshan Tourism Development

	
	
	Indian Hotel Company Ltd
	Resorttrust, Inc.
	Shangri-La Asia LimitedLtd

	
	
	Taj Gvk Hotels and Resorts LtdLimited
	Royal Holdings Co., Ltd.
	

	
	
	BSE Sensex 30
	Agora Hospitality Group
	

	 
	 
	 
	MBK Hotel & Tourism (MBK PLC)
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