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[bookmark: abstract]Abstract
At the heart of intergenerational stratification is the transfer of resources across generations within families. Most stratification research focuses on dyadic relationships between children and significant family members, such as parents and grandparents. This paper broadens the conceptual lens to extended families as comprehensive units, which we term “clans”. Specifically, we examine associations between clan characteristics and children’s educational attainment, and how these characteristics interact with parental attributes in the United States. We use a multilevel approach on the Panel Study of Income Dynamics, finding that clan educational attainment robustly predicts children’s educational attainment above and beyond dyadic associations between children and other specific family members, namely parents, grandparents, and aunts/ uncles. Notably, clan wealth and income do not exhibit the same association. Further, we find that clans’ educational attainment serves as a “multiplier” of parental education: those with higher parental education benefit from clan education to a greater extent than those with lower parental education. Our findings stress the importance of moving beyond discrete dyadic familial ties to larger heterogenous family units. Even in a supposedly individualistic society like the United States, important social processes take place within large, complex, and varied family structures.


[bookmark: introduction]Introduction
The intergenerational transmission of social status has long occupied a central position in sociological research, with scholars investigating how families’ varied backgrounds influence individuals’ socio-economic attainment (Blau and Duncan 1967; Sewell and Hauser 1975). Sociologists have conceptualized families as social units that extend beyond nuclear households, including an extensive array of kin members. Stratification is thus understood as a process that unfolds over and across multiple generations: throughout the life course, individuals in each generation accrue both advantages and disadvantages (DiPrete and Eirich 2006; Merton 1988), compounding further across generations (Mare 2011). These resources then influence the socioeconomic outcomes of descendants across their life course.
Despite extended familial networks’ pivotal role, stratification researchers have encountered conceptual inertia and data limitations that restricted the breadth of analysis on families in post-industrial contexts. Consequently, research on intergenerational stratification has traditionally focused on the transmission of advantages and disadvantages from parents to children (Blau and Duncan 1967; Erikson and Goldthorpe 1992; Featherman and Hauser 1978; Hout 1988; Shavit and Blossfeld 1993).[footnoteRef:1] This dyadic approach, while yielding valuable insights, overlooks important players in intergenerational processes (Mare 2011). Early focus on fathers’ social standing, for example, systematically excluded mothers from analyses (Beller 2009). Likewise, a focus on nuclear families has led researchers to neglect the complexities introduced by single-parent families, grandparents, aunts, uncles, and other extended kin members (Mare 2011). [1:  Henceforth we will talk of “advantage” to refer to both advantages and disadvantages, acknowledging that both can accrue over time and across generations.] 

The parochial focus on households stems from circular limitations of theory and data: scholars use households as the central unit of measurement in post-industrial societies, limiting the ability to conduct empirical work beyond household units. The lack of extended family data in turn yields household-focused findings that further reaffirm the extant data-collection paradigm. After all, in contexts like Kenya, surveys pay attention to large complex family units (Schmidt 2018) – such data collection is possible, but traditionally regarded as irrelevant in contexts like the United States. Past research has thus failed to capture how many individuals experience familial advantage in practice. This omission has become more pronounced in the context of substantial increases in life expectancy, declining fertility rates, and the growing prevalence of single-parent households. For example, many younger family members share a significant portion of their lives with older family members and are thus influenced by non-parental kin (Bengtson 2001; Mare 2011).
Indeed, as part of his Presidential Address for the Population Association of America in 2011, Robert Mare criticized the prevailing two-generation paradigm, contending that the process of intergenerational transmission is likely misconstrued within existing mobility research (Mare 2011). Mare urged scholars to transcend the confines of two succeeding generations, advocating for a more expansive view of extended family influence. His call was answered with a flurry of compelling studies on the multigenerational processes shaping the transmission of advantage (Anderson, Sheppard, and Monden 2018; Pfeffer 2014). Scholars began studying the impacts of grandparental resources (Bol and Kalmijn 2016; Hällsten 2014; Hällsten and Pfeffer 2017; Pfeffer and Killewald 2018) and even those of aunts and uncles (Jæger 2012; Prix and Pfeffer 2017). However, as such studies tend to focus on dyadic relationships between children and specific family members, they do not typically capture the holistic role of the extended family unit.
This paper proposes a novel measurement that facilitates a renewed focus on extended families in the United States, constituting a better match between how scholars have conceived of the family in theory and how it has been operationalized in practice – ‘clans’ – which encompass multiple generations and extended kin ties in each family unit. This measurement aims to provide an analytic framework for studying extended family units and their resources holistically. By including all available familial ties, it can unveil latent familial resource transmission that is overlooked by a parochial focus on specific dyadic family relations, and facilitates comparison between different family structures, offering a more comprehensive understanding of how families and their resources shape social stratification. By utilizing the concept of ‘clans’ we offer a statistical measurement of families that aligns with both how stratification scholars are increasingly thinking of families, and how the term ‘family’ is used in everyday life.
We investigate the role of clans in the United States using information on education, wealth, income, and other demographic features at three levels of analysis –- individuals, households, and clans. We use the Panel Study of Income Dynamics (PSID) to analyze how these clan resources, beyond parental and individual resources, relate to children’s educational attainment. Clans are constructed by linking all descendants of a single original PSID surveyed household, along with their household members. We use multilevel models to assess how clans serve as an independent channel that reproduces advantage across generations. We focus on two key extended-family resources: educational attainment (Bourdieu 1984; Lareau 2011) and economic resources (Killewald, Pfeffer, and Schachner 2017; Piketty 2014). We further examine how clan resources relate to household resources, and how clans pattern the transmission of resources along race (O’Brien 2012; Oliver and Shapiro 2006).
We find that the average educational attainment of the clan significantly predicts a child’s educational attainment, even after controlling for parental, grandparental, and aunt/ uncle resources. This demonstrates the conceptual utility of clans as social units that warrant independent measurement. Additionally, we find that clan education constitutes a multiplier of parental education: adult children’s likelihood of attending college increases more rapidly as clan education increases when they come from households where at least one parent attended college than when neither parent attended college. Our findings indicate that stratification scholars should broaden their conceptual purview from discrete dyadic relations to encompass comprehensive multigenerational extended families.
[bookmark: literature-review]Literature Review
[bookmark: Xfcb29551fc9c07e1c67c66cfe9c612f64dcef62]Clans: Re-Conceptualizing Family in Stratification
Stratification research has traditionally focused on the transmission of advantages from parents to children (Blau and Duncan 1967). Early studies hypothesized a Markovian process, by which the advantages received by one generation flow directly and entirely to the next, with the process starting anew with every subsequent generation. Accordingly, scholars measured the intergenerational transmission of educational attainment (Shavit and Blossfeld 1993), occupational attainment (Blau and Duncan 1967; Erikson and Goldthorpe 1992), and income (Solon 1992) between parents and children. There are several reasons why scholars focused on parent-child transmission. First and foremost is the conceptual fixation on the household as the central social unit in post-industrial societies (Bengtson 2001; Burgess 1916; Weber 2013). But another key reason behind the continued focus on parents and children is the limited availability of richer longitudinal family data. Most surveys were designed around households, making it relatively easy to link parents and children. But only a few surveys enable linking multiple generations and extended family members. As a result, the family in stratification scholarship has conventionally been conceptualized as households comprised of parents and children (Bengtson 2001; Mare 2011). The influence of unobserved non-resident kin was at best subsumed under parental effects.
Nonetheless, recent work has shed light on the significant role played by non-parental family members like grandparents, aunts, and uncles in influencing children’s outcomes (Adermon, Lindahl, and Waldenström 2018; Erola et al. 2018; Hällsten 2014; Hällsten and Pfeffer 2017; Møllegaard and Jæger 2015; Olivetti, Paserman, and Salisbury 2018; Song and Mare 2019). With increasing data availability, the number of such studies has grown exponentially in recent years (Anderson et al. 2018). Grandparental wealth, for example, shapes the status of grandchildren net of the influence of parental resources (Hällsten and Pfeffer 2017; Pfeffer and Killewald 2018), and the same holds true for other grandparental resources (Chan and Boliver 2013; Hertel and Groh-Samberg 2014). Moreover, the educational level of aunts and uncles is positively associated with children’s educational attainment, even after accounting for parental resources (Jæger 2012; Prix and Pfeffer 2017).
The conventional focus on direct dyadic familial relationships has provided valuable insights into the persistence of intergenerational inequality, but it has fallen short in comparing various family structures where different family members play distinct roles in relation to young family members. The necessity to broaden the conceptual lens beyond parents and children is underscored by demographic shifts, such as delayed homeownership, prolonged cohabitation, later and fewer marriages, decreasing fertility rates, and longer life expectancy. These shifts have altered the composition of households over time (Bengtson 2001; Mare 2011; Song and Mare 2019; Swartz 2009), changing how children experience familial dynamics. As a result, a focus on dyadic ties is becoming less apt for comparing different family arrangements. These demographic processes affect the nature of relationships children have with their parents, decreasing parent-child reproduction for some (Fasang et al. 2014). In essence, the interplay between households and extended family members in the United States is becoming more diverse, and therefore increasingly important. Hence, the familial processes that comprise intergenerational stratification cannot be fully understood using the traditional approach centered on dyadic analyses anchored in households (Anderson et al. 2018; Mare 2011; Pfeffer 2014; Solon 2014).
Though stratification scholars have increasingly shown the importance of non-parental family members for the transmission of advantages (Hällsten 2014; Hällsten and Pfeffer 2017; Jæger 2012), they tend to measure each relationship in isolation. For example, scholars have examined the effects of grandparental resources on grandchildren, but not broader family units that include grandparents together with other kin ties. Focusing on specific ties ignores several axes of family heterogeneity, including differences in family composition and divergent patterns of resource sharing within families. Shifting our lens from specific dyadic familial ties and parental households to larger extended kin family units would facilitate a broader understanding of the role of family resources in shaping social stratification. We thus reconceptualize families as broader extended kin units, which we refer to as “clans”, to assess their influence on children’s educational attainment.
In the context of a population sample, we define clans as family units composed of linked households spanning multiple generations and extended kin ties. Such clans are comprised of all households linked via birth, marriage, or adoption, where households tied through multiple links (of birth, marriage, etc.) are considered part of the same clan. By introducing this new conceptualization, we aim to contribute to sociological efforts to expand our understanding of the family beyond its traditional nuclear structure (Furstenberg et al. 2020; Furstenberg 2020; Jæger 2012; Swartz 2009). We theorize clans as consequential sites where bonds and obligations emerge, and analyze their role in the process of intergenerational stratification.
[bookmark: resources-of-the-clan]Resources of the Clan
Parents, grandparents, and other extended kin play a pivotal role in shaping the achievements of young adults within a clan. They exert their influence through direct investment of time and financial resources, as well as bestowing intangible assets like social networks, cultural capital, preferences, aptitudes, and genetic material (Pfeffer 2014). Importantly, the effects of extended kin member resources can persist even in situations where there is little co-residence or physical proximity, and without active involvement, for instance by factoring into the “reference frame” of other family members (Hertel and Groh-Samberg 2014). In essence, the impact of clans goes beyond the immediate actions of clan members, involving continuous and multifaceted influence on the development and success of younger generations.
Clans may shape children’s educational outcomes through economic resources, either income or wealth, each serving distinct roles in intergenerational stratification (Hansen and Toft 2021). Particularly in a context of escalating higher education costs like the United States (Hanson 2022), children might benefit from the direct financial support of wealthier non-parental family members. However, this dynamic could also curtail upward mobility when families possess little economic capital (Stack 1983). Additionally, extended family economic resources may function as a protective buffer for children, shielding them from adverse parental circumstances (Erola et al. 2018; Jæger 2012). Similarly to parental economic resources, the impact of non-parental economic resources may extend beyond pecuniary aspects, encompassing elements like security, power, status, prestige, social entitlement, and social norms. Economically advantaged family members may act as role models through their achievements, promote certain orientations towards investment, confer normative aspirations like pursuing a college education and certain remunerative occupations, and provide access to valuable information and social connections (Coleman 1988; Hällsten and Pfeffer 2017; Pfeffer and Killewald 2018; Prix and Pfeffer 2017). Additionally, wealth may provide social insurance (Pfeffer 2011) as individuals who know they have access to extended family wealth in case of emergency may feel at liberty to pursue higher-risk higher-gain career paths or business ventures.
Similarly, clan educational attainment may be crucial for shaping children’s educational outcomes. Through their educational attainment, clan members may serve as role models for children, defining their tastes, habits, and goals (Bourdieu 1984; Lareau 2011; Willekens and Lievens 2014). In family formations where extended family members participate in caregiving, these influences may be more likely. Whether through caregiving practices (Lareau 2011) or implicit educational expectations and aspirations (Bourdieu 1984), the educational disposition of extended families may shape children’s outcomes.
In some cases, however, extended family resources may have a negative relationship with children’s outcomes. Becker and Tomes (1979) first noted that grandparental resources should show negative associations with grandchildren’s outcomes when parental resources are controlled. They reasoned that grandparental resources would be negatively associated with grandchild resources if parental resources, “market luck”, and the “endowed luck” of grandchildren were held constant. As Solon (2014) later clarified, grandparental resources are expected to increase parental resources, but when these are fixed, other factors must be at play for grandparental resources to fail to increase parental resources. These other factors can then endure to the next generation and harm children’s outcomes (see also Pfeffer (2014)).[footnoteRef:2] Thus, negative extended family effects may be capturing a sub-sample for whom extended family resources failed to shape parental outcomes. Such negative effects have been observed frequently (Blau and Duncan 1967; Erola et al. 2018; Goldberger 1989; Hällsten and Pfeffer 2017; Warren and Hauser 1997). [2:  For instance, parents who are the first in their family to attain a college education often exhibit higher levels of motivation. Given that parental motivation positively impacts a child’s education, it could have a negative mediating effect on the influence of grandparents’ characteristics.] 

The recent demographic shifts described above, which have brought about a wider spectrum of family formations, may have introduced new practices of resource transmission within families (Furstenberg et al. 2020; Furstenberg 2020). For example, grandparents who reside with their grandchildren during early childhood may extend greater support as their grandchildren approach adulthood. Aunts and uncles may offer substantial endowments, perhaps even more so if they are childless, sharing information, providing access to social networks, and serving as role models to their nieces and nephews. These dynamics may contribute to the social reproduction of extended families even without direct transfers (Spilerman 2000), making them difficult to capture through conventional survey measures. Nonetheless, these effects can potentially be captured by analyzing extended families as comprehensive units.
Children, however, differ. Their different characteristics and parental circumstances may shape whether and how they gain from clan resources. For example, clan members may transmit different advantages to children based on their race or ethnicity, mirroring existing racial and ethnic differences in family support in the United States (Swartz 2009). Notably, White families are more likely than Black or Latinx families to exchange financial resources (Hogan, Eggebeen, and Clogg 1993; Sarkisian, Gerena, and Gerstel 2007; Sarkisian and Gerstel 2016). These disparities are highly associated with (househld) social class, where higher SES families are more likely to exchange financial support and lower SES families are more likely to offer practical help (Berry 2016; Sarkisian and Gerstel 2016). Such financial support is then consequential for achievements like home purchases and educational attainment (Semyonov and Lewin-Epstein 2001). Differences across SES also extend to tertiary family members, for example grandparents’ effects on children’s outcomes are stronger at the upper sections of the distributions of multiple markers of socioeconomic status (Chan and Boliver 2013; Chiang and Park 2015; Hertel and Groh-Samberg 2014; Pfeffer 2014), indicating that total clan resources may matter more for higher status clans.
Moreover, it is likely that clan resources are not utilized equally among clan members. Clan resources may act as a social “multiplier” of origin family resources (Deindl and Tieben 2017; DiPrete and Eirich 2006), whereby clan children born into better-resourced households disproportionately enjoy the clan’s resources. But, clans may also use their resources to offset lacking parental unit resources (Erola et al. 2018; Jæger 2012),[footnoteRef:3] where clan resources mainly aid the outcomes of children from less affluent or less educated parental households. [3:  But see Engzell, Mood, and Jonsson (2020): extended kin compensation for parental resources may be a consequence of greater difficulties of observing status at the lower end of the distribution.] 

[bookmark: data]Data
We define clans as multigenerational inter-household kin networks comprising all households linked by birth, marriage, and adoption. Theoretically, all humans share a certain degree of genetic relatedness. If we had data on an entire population, we might identify clusters of families (i.e., clans) and construct an indicator of association with each cluster. These measures could reflect a person’s connection to multiple clans, with lower values indicating a weaker connection to a given clan. In short, such a measurement would reflect how closely each individual is linked to each large family unit in the population. In practice, this paper uses all descendants of one original Panel Study of Income Dynamics (PSID) household, and their partners, to mark each clan.
Relatively few datasets enable the measurement of clans. Of the major representative surveys of the United States, the PSID enables the most comprehensive clan measurement. The PSID (1968-2021) is a longitudinal survey conducted annually from 1968 and biennially since 1997. The PSID follows all descendants of an original sample – a “genealogical” sample – that oversampled low-income households. Specifically, individuals interviewed in the first 1968 PSID wave pass on their sample membership to their descendants, who are then followed as they set up their independent households (McGonagle et al. 2012). A PSID clan thus includes an original 1968 sampled household and all its descendants – children, grandchildren, and great-grandchildren, as well as their spouses – and therefore often contains young adult children, their parents, grandparents, aunts, uncles, and cousins (and in some cases great-grandparents, great-uncles, second cousins, and so on) – See Figure 1 for an illustration of the data structure.
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[bookmark: fig:clanstructure]Figure 1: Individuals, Households, and Clans.
Of the 4,802 original households in the 1968 sample, the PSID contains 2,060 clans with adult children ages 25-41 as of 2021 with sufficiently detailed information. We focus on clan children born 1980-1996 to capture the third (or later) generation of PSID respondents who have reached age 25 by the most recent survey. The remaining 2,742 1968 households either had no documented descendants, did not have descendants who were young adults by 2021, or only had descendants who were missing information on at least one key variable.
As such, our complete analytical sample includes 2,060 clans comprised of 6,040 households containing 9,448 sample adult children. These clans have on average 18.5 individuals in 3.8 households, where the smallest clan consists of 2 individuals and the largest of 105. Each clan has on average 4.6 focal adult children, with a range between 1 and 32. On average, PSID clans are 34.8% Black and 65.2% non-Black (in the unweighted sample).[footnoteRef:4] Because we use clans emanating from 1968 respondents, our sample only includes 15% non-White, non-Black respondents, around half of whom are of Latin American origin, and the other half “other”. We therefore group the sample into Black and “non-Black” categories. For analyses that decompose clans into grandparents, aunts/ uncles, and residual clan members, we use a subsample of 3,788 adult children who have relevant information on at least one grandparent, one aunt/ uncle, and one residual clan member. These residual clan members include family members such as cousins, their spouses and offspring, great-aunts and uncles, their spouses and offspring, and so on. Siblings who are old enough to form their own households by the time the focal child reaches age 14 but are not themselves part of the sample are included in the clan. [4:  All analyses use the unweighted sample. However, Appendix I presents descriptive statistics using 2021 weights, as well as sample statistics for the sample containing those weights. Model results are robust to restricting the sample to its SRC component - the simple random sample portion of the 1968 PSID sample.] 

The prospective design of the PSID (Song and Mare 2014), by which descendants of original respondents are followed as they form new households, makes the PSID the only major United States-based dataset that allows measurement of a sufficiently large sample of clans. Nonetheless, this unique dataset allows us to capture only one half of descendants’ clans in most cases, either the paternal or maternal branch. In other words, because the PSID sampled grandparents (or great-grandparents) and not grandchildren, each grandparent is linked to all their grandchildren, but each grandchild is only linked to one branch of grandparents. This sampling feature will only bias results if substantial resources travel across grandparental branches and the PSID oversampled net “giver” or net “receiver” family branches, which we do not have any reason to suspect.
[bookmark: variables]Variables
Our focal dependent variable is college attendance, which we assumes is shaped by familial influence to a greater extent than college completion. We measure college attendance using the PSID’s measure for years of education, marking individuals with 13 years of education and above as having attended college. We model attendance using the individual, household, and clan-level variables listed in Table 1.
[bookmark: tab:vars]Table 1: Variables at Three Levels
	Individuals
	Households
	Clans 
(Extended Family)

	College Attendance (13+ Year Edu)
	Maximum Parental College Attendance
	Clan College Attendance Decile

	Gender
	Parental Wealth Decile
	Clan Wealth Decile

	Race
	Parental Income Decile
	Clan Income Decile

	Birth Cohort
	
	Clan Number of Households


Time varying variables on the household and clan levels – namely, wealth and income – are averaged across years when adult children were between ages 0-14 to reflect familial resources available to them during formative years. We longitudinally impute values within-person for those who do not have observations in these focal years but have observations before or after, averaging the closes available values. We focus on early childhood as family ties appear to be especially important during that time (Hout 2015). For example, examining different mediators for wealth correlations across two and three generations, Pfeffer and Killewald (2018) found that education is the most significant mediator between grandparent wealth and grandchild home value (used to operationalize grandchild wealth). Since educational attainment starts at an early age, the role of extended kin - in this case grandparents and their wealth - likely commences early in the life course, shaping the trajectory of familial investments.
Following a multidimensional perspective on stratification (Engzell et al. 2020), we are interested in the role of key clan resources - clan wealth, clan income, and clan education. Aggregate wealth in the PSID is the sum of six asset type values – farm/business, checking/saving accounts, investment real estate, stocks, vehicles, and other assets – as well as the value of home equity, net of debts. This wealth variable was measured as part of the PSID wealth supplement on the household level since 1984 and was added to the main PSID survey in 2009. Our clan wealth variable aggregates the wealth of all clan households for every year when data were collected when adult children were ages 0-14, averaging by the number of years captured. The skewed wealth distribution creates methodological issues for regression analyses, which generally perform better with symmetric distributions. Further, highly skewed variables often have nonlinear relationships with other outcomes, reflecting for instance the declining marginal utility of additional units of wealth in influencing educational attainment (see Killewald et al. 2017 for additional measurement challenges). We therefore use wealth deciles in place of raw values.
Clan income is defined as the average income of clan adults averaged across years when the child was 0-14, utilizing available data within that time frame. To mitigate the impact of highly skewed income values we similarly use income deciles. Finally, clan educational attainment is operationalized using the average college attendance of the clan, which is similarly a decile rank of the percentage of adult clan members (living when the child was 0-14) who have attended college (i.e., 13 years of education and above). Importantly, different resources from the same familial unit may contain different individuals. For example, a focal adult child’s clan educational attainment value may summarize different individuals’ educational attainment from the same focal child’s clan income. This is because we use all available data from all living relatives when children were 0-14 without restricting measurements to a particular set of family members who had full information.
We also use several controls on the individual and household-levels. We control for child gender, race (which the PSID measures on the household level and we applied to all household members following Becker (2008)), and birth cohort. We also control for parental wealth decile, parental income decile, and whether at least one parent has attended college – all measured when the focal child child was between ages 0-14 analogously to the time-variant clan variables. Finally, we use the number of households in the clan for which information was available. All variables’ descriptive statistics by child college attendance are presented in Table 2.
[bookmark: tab:descriptive]Table 2: Sample Descriptive Statistics
	
	No College
	Some College and Above
	p-value

	Female
	2,678 (45%)
	1,920 (55%)
	<0.001

	Black
	2,754 (46%)
	1,451 (42%)
	<0.001

	Year of Birth
	1988 (5)
	1988 (5)
	0.2

	At Least One Parent Attended College
	3,021 (51%)
	2,689 (77%)
	<0.001

	Parental Wealth Decile
	5 (3)
	6 (3)
	<0.001

	Parental Income Decile
	5 (2)
	6 (2)
	<0.001

	Clan College Attendance Decile
	5 (2)
	8 (2)
	<0.001

	Clan Wealth Decile
	5 (3)
	6 (3)
	<0.001

	Clan Income Decile
	5 (3)
	6 (3)
	<0.001

	Clan Number of Households
	7 (5)
	6 (5)
	0.005

	Observations
	N = 5,952
	N = 3,496
	

	Mean (S.D.) or Frequency (%)

	Pearson's Chi-squared test; Wilcoxon rank sum test


As apparent from Table 2, adult children who have attended college and adult children without any college have different clan resources, in addition to having different parental resources and individual characteristics. Namely, those with some college have parents who are on average more educated, possess more wealth, and have higher incomes. But they also come from clans that have higher levels of education, wealth, and income. Those who have not attended college have a higher number of households in their clans.
[bookmark: methods]Methods
Studies that explore the role of extended family members tend to use one of three approaches: 1) multi-level models that nest children under households and households under grandparents or aunts and uncles (Erola et al. 2018; Jæger 2012); 2) correlations between focal children, such as cousins, that net out extended family member characteristics to assess the role of these family members (Hällsten 2014; Hällsten and Kolk 2023); and 3) correlations between extended family members’ resources and children’s resources (Deindl and Tieben 2017; Hällsten and Pfeffer 2017; Lindahl et al. 2015; Møllegaard and Jæger 2015; Warren and Hauser 1997).
In this paper we pursue multilevel models (i.e., the first approach) to assess the role of extended families. But, rather than nesting parents and children under individual family members like grandparents, we use clans. The third approach (correlations between extended family members’ resources and children’s resources) is less suitable for examining clans as cohesive units and for comparing clans’ role with the typically-studied grandparents, aunts, and uncles. Multi-level models and correlations between children (i.e., the first and second approaches) offer complimentary strenghts (Björklund and Jäntti 2020). We chose multi-level models over cousin correlations even though they rely on more assumptions about the data structure (Hällsten 2014; Hällsten and Kolk 2023) for two reasons: first, multilevel models have been used to study extended kin in the United States (Jæger 2012), allowing us to replicate previous findings and compare our clan estimates to existing estimates of other family members. Second, cousin correlations measure static clans that influences cousins similarly, regardless of their age or period. We wanted to explicitly measure dynamic clan characteristics that capture the influence of relevant clusters of family members during each child’s formative years (Hout 2015). Beyond providing a more accurate account of the family’s status during childhood, measuring clan traits by averaging information over numerous kin member observations (both horizontal and vertical ties) and across time (during children’s ages 0-14) helps minimize the risk of erroneously capturing one direct ancestor’s capital.[footnoteRef:5] [5:  As discussed by Hällsten and Kolk (2023:1732), averaging over repeated observations to capture the underlying value of the extended family aligns with the standard treatment of classical measurement errors (Solon 1992). It also corresponds to the notion that individuals can be viewed as potentially erroneous realizations of their kinship lineage (Adermon, Lindahl, and Palme 2021).] 

Specifically, we use multilevel linear probability random effects regression models to study the relationship between clan resources and children’s educational attainment.[footnoteRef:6] In these models, as shown in equation (1), the total variance in children’s educational attainment is comprised of three variance components pertaining to clans (), households (), and adult children (), respectively: [6:  Results are substantively identical when using multilevel logistic random effects models.] 


Building on Jæger (2012), we first use the intra-class correlation coefficient (ICC) of the fully unconditional model (i.e., a model with no predictors) to verify the necessity of using a multilevel approach and examine the relative importance of each level for the total variance in adult children’s educational attainment.
Table 3 presents the ICC of the null model predicting college attendance. It shows that differences across households explain 36.3% of the total variation across children’s educational attainment. Differences across clans, meanwhile, explain 18.5% of the total variation. Thus clans are an important source of variation contributing to between-child educational outcomes. They are not as central as households, but are nonetheless important. ::: {custom-style=“Table Caption”}
[bookmark: tab:icc]Table 3: Intra-Class Correlation Coefficient
:::
	Group
	ICC

	Households
	0.363

	Clans
	0.185


To examine the degree to which clan resources matter above and beyond parental household and individual characteristics, we use three-level hierarchical models incorporating explanatory variables pertaining to the clan (level-3), the parental household (level-2), and adult children (level-1) characteristics. Formally, there are i=1,2,…,I adult children nested within j=1,2,…,J parental families nested within m=1,2,…,M clans (see Figure 1). The full multilevel model provides parameters that enable determining whether clan resources have a direct relationship with adult children’s educational attainment above and beyond parental household and individual characteristics.
Beyond the isolated roles of familial characteristics at discrete levels (i.e., individual, household, and clan), there are two additional categories of parameters: parameters representing two-way interaction effects of (any) two adult child, origin family, and clan level predictors, and parameters representing three-way interaction effects of all three. These interaction terms enable us to explore the potential differential effects of clan resources across members. Educational disadvantages along race, for example, may be exacerbated by differing clan wealth. Focusing on interaction terms allows assessing how clan resources shape children’s educational attainment differently by race, parental resources, or both.
Even if clan characteristics significantly predict child education, however, one might wonder who in the clan is driving these patterns. Indeed, prior research has shown that both grandparents and uncles and aunts play a role in child education (Erola et al. 2018; Hällsten and Pfeffer 2017). To verify that clans as extended family units have a role to play beyond dyadic family members like grandparents, aunts, and uncles, we conduct our analyses in two steps: first, we decompose each of our focal clan characteristics – education, wealth, and income – into a grandparental component, an aunt/ uncle component, and a residual clan component. This deconstruction allows identifying distinct associations between each of these kin types and young adults’ educational outcomes. However, it also requires limiting our sample to those for whom we observe at least one grandparent, one aunt or uncle, and one additional clan member. Limiting the sample in this way excludes individuals who, for example, never had an aunt/ uncle or an extended family member other than grandparents, aunts, and uncles. In our second step, we therefore repeat our main analyses using the full sample of young adults, including all individuals who have at least one non-parental family member.
[bookmark: findings]Findings
[bookmark: X5eece85b92c97554d30fb7ec536da276eff0c24]Limited Sample Including Grandparents, Aunt/ Uncles, and Residual Clan Members
Table 4 presents multilevel models predicting children’s college attendance. In these models, we restrict the sample to the 3,788 young adults for whom we have information on the education, wealth, and income of at least one grandparent, one aunt or uncle, and one additional clan member. Model 1 captures individual and parental household characteristics. The model findings largely conform to expectations based on prior research. Namely, male children have a 12.1 percentage point lower probability of attending college compared with female children, and children born in every birth year (within birth years 1980-1996) have a 0.6 percentage point lower probability of attending college as compared with those born in the preceding year.[footnoteRef:7] Black children have a 5.2 percentage point higher probability of attending college compared with non-Black children when parental resources are accounted for, a finding we discuss in greater detail below. [7:  College attendance and birth cohort exhibit a nonlinear relationship (not shown here). College attendance trends show the expected rise for those born between 1980 and 1985, but sharp dips for cohorts born from 1986 to 1996. This corresponds to a broader decline in college enrollment from 2010 onwards (Anon n.d., Table 302.10), likely influenced by economic fluctuations and rising education costs in the 2000s.] 
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As for parental resources, Model 1 finds that parental education and economic resources positively predict children’s college attendance. Children who have at least one parent who attended college have a 15.6 percentage point higher probability of attending college as compared with children who do not have a parent who attended college. Additionally, with every decile of parental wealth, a child’s probability of attending college increases by 2.1 percentage points and with every decile of parental income, a child’s probability of attending college increases by 2.0 percentage points, all else being equal.
Model 2 and Model 3 of Table 4 add the “usual suspects” from the literature on extended families: grandparents and aunts and uncles, respectively. These models, which use the smaller restricted sample, only partially recreate findings of prior studies. While the models show that grandparental and aunt/ uncle income and wealth are each positively correlated with children’s educational outcomes (Hällsten and Pfeffer 2017; Pfeffer and Killewald 2018), these effects are not statistically significant. Model 3 shows that aunt/uncle education predicts adult children’s educational outcomes above and beyond parental resources (Erola et al. 2018; Jæger 2012), but only at a low threshold of statistical significance, while Model 2 indicates that grandparental education does not predict grandchildren’s outcomes.
Isolating the roles of these family members allows Model 4 to examine the residual clan, an extended family unit that excludes grandparents, aunts, and ucles, as a distinct and independent channel associated with the educational outcomes of young adults. Model 4 investigates each characteristic of these residual clans – education, wealth, and income – revealing that clan education positively predicts adult children’s teritiary educational attendance above and beyond parental education, even when grandparents and aunts/ uncles are excluded from the clan. With every decile of residual clan college attendance, a child’s probability of attending college increases by 8.2 percentage points.
Clan income decile, meanwhile, shows a negative correlation with children’s educational attainment, and clan wealth decile shows no statistically significant relationship with children’s college attendance when holding constant other clan, parental, and individual characteristics. The negative relationship between clan income and children’s educational outcomes should be interpreted with caution, as it may be a statistical artifact of controlling for parental resources (Becker and Tomes 1979). Indeed, we find a positive unconditional correlation between each clan economic resource and children’s college attendance (reflected also in Table 2), but these association turn negative once parental economic measures are included in the model.
Models 3 and 4 may be capturing the same latent association between extended family resources and child education. Model 5 therefore includes all discrete covariates representing clan members simultaneously. Indeed, it shows that clan education is not only still statistically associated with children’s educational outcomes once grandparents and aunts/ uncles are separated, but its coefficient is even higher than it was when excluding grandparents and aunts/ uncles from the model altogether. This suggests that rather than grandparents and aunts/ uncles “driving” any association between clan education and children’s education, it is the broader clan unit that is associated with children’s education, above and beyond parental, grandparental, and aunt/ uncle characteristics.
Grandparental and aunt/ uncle education, meanwhile, both turn negative and statistically significant once residual clan members are included. Drawing from Becker and Tomes (1979) and Solon (2014), we iterpret these negative relationships as describing a sub-sample for whom the broader family unit (i.e., the clan), grandparents, and aunts/ uncles fail to shape parental resources. In other words, mirroring Solon (2014) interpretation of negative grandparental coefficients when only parents are included in the model, negative grandparental and aunt/ uncle education coefficients in our analysis likely reflect a particular group where both residual clan resources and grandparental and aunt/ uncle resources fail to shape parental resources. For these families other elements that are not captured by the model are probably at play, and these unobserved elements create a negative relationship between grandparental and aunt/ uncle education on the one hand, and child educational outcomes on the other.The grandparental and aunt/ uncle education coefficients were likely not negative and statistically significant in Models 2 and 3 because these latent factors were not significant enough in families where only grandparents or aunts/ uncles do not influence parental resources. However, once we also specified a fixed relationship between resideual clan members and parents, the coefficients turned negative and statistically significant.
Table 5 uses the same limited sample to delve deeper into the potential differential effects of clan resources by parental resources, and explores the role of race in mediating the relationship between familial resources and children’s educational outcomes. Specifically, it pursues two lines of inquiry: first, Model 1 shows that when removing all familial resources, adult children’s race predicts educational outcomes in the opposite direction, with Black adult children 4.3 percentage points less likely to attend college than non-Black children. This runs counter to the positive relationship between being Black and college attendance in Table 4, where familial resources are included. We interpret the change of direction of the race coefficient from negative to positive when familial resources are included as meaning that Black children receive less education than non-Black children overall (as a result of systemic racism, Banaji, Fiske, and Massey (2021)), but as they also start out with fewer resources, Black children over-perform in their educational attainment given their parental and extended family resources. Once these fewer familial resources are accounted for, Black children perform better than non-Black children (Pattillo 2021).
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Second, Table 5 Model 2 models educational attendance as an outcome of individual, parental and clan characteristics, where clans comprehensively include grandparents, aunts/ uncles, and all other related family members. The model differs from Table 4 Model 4, which modeled residual clans, in important ways. Once combining grandparents, aunts/ uncles, and residual clan members into “full” clans, children’s race and birth year lose their statistical significance, while parental income regains its positive and significant association with children’s education. Model 2 of Table 5 suggests that all three parental resources significantly predict a child’s educational attainment. As for the clan variables, full clan education and income (Table 5 Model 2) operate similarly to residual clan education and income (Table 4 Model 4). Full clan wealth, however, is different – now negative and statistically significant, like income. Full clan number of households, unlike that of residual clans, positively predicts children’s education at a high threshold of statistical significance. We interpret this association to either mean that a greater variety of familial resources represented by a higher number of (full) clan households shapes children’s educational attainment, or that a greater number of clan households increases the influence extended families exert on children.
Model 3 in Table 5 tests whether parental and clan resources interact with one another, and whether they vary in their association with college attendance for Black and non-Black children. Specifically, the model adds two-way interaction terms between race and parental education, race and clan education, and parental education and clan education. It also adds a three-way interaction between race, parental education, and clan education. These interaction terms do not change the direction or significance of coefficients outside the interactions, as compared with Model 2.
Do clan resources multiply higher parental resources, or do they serve to compensate for lower parental resources? Through testing all possible two- and three-way interaction terms (not presented here), we found that parental and full clan educational resources serve to multiply one another, whereas economic resources like wealth and income do not. Specifically, for every decile increase in clan education for non-Black children raised by parents who did not attend college, a child’s probability of attending college rises by 7.0 percentage points. For non-Black children from more educated households this probability increases by 9.7 percentage points with every decile in clan education.
Model 3 provides limited indication that this pattern differs by race, with the negative three-way interaction term only statistically significant at a low 0.1 threshold. The model suggests that for Black children raised by parents who did not attend college, each increase in clan education decile is associated with a 7.4 percentage points increase, whereas for those from more educated households this probability increases at a similar rate of 6.8 percentage points with every decile of clan wealth. A relationship between clan and household resources that varies by race is only weakly supported.
To better understand these dynamics, Figure 2 plots the predicted probabilities of children’s teriary educational attendance at every level of clan education decile separately for children from higher educated households and those from lower educated households, and separately for Black and non-Black children. As apparent from the positive slope of all lines, the probability of attending college increases with every increase in clan education decile for every group. This aligns with other studies that find that extended family resources matter for children’s outcomes (Anderson et al. 2018; Chiang and Park 2015; Deindl and Tieben 2017; DiPrete and Eirich 2006). Moreover, for both Black and non-Black children, those with higher educated parents have higher predicted probabilities of attending college throughout most of the clan educational continuum. However, the difference across parental education increases with every increase of clan education for non-Black children while it remains largely constant for Black children. In the lower four deciles of clan education, non-Black children with more and less educated parents do not differ in their probability of attending college. However, by the highest decile of clan education the difference between the two groups amounts to almost twenty five percentage points. Meanwhile, the difference in the predictied probability of college attendance between Black children from more educated households and those from less educated households falls by around 10 percentage points from one end of the clan education spectrum to the other, and this difference is not statistically significant at either end, though it is significant in the middle four clan education deciles.
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[bookmark: fig:marginaleffect]Figure 2: Predicted Probability of College Attendance by Clan Education, Parental College, and Child Race Using Restricted Sample
[bookmark: Xe181ce7e4b3bb5ac0b38a2e2ab71dadc4599be2]Full Sample Including all Clan Compositions
The findings thus far indicate that one clan resource - education - positively predicts children’s educational outcomes above and beyond individual characteristics and parental, grandparental, and aunt/ uncle resources, and it may do so differently by race. In order to assess the independent role of clans, analyses thus far restricted the sample to young adults who have at least one grandparent, aunt/ uncle, and an additional clan member. Yet, some young adults do not have aunts, uncles or clan members other than grandparents, aunt, and uncles. Relaxing the sample restrictions to include any young adult with at least one non-parental family member enables us to investigate the role of clans for the population without arbitrary restrictions. In Table 6 we therefore recreate Table 5’s Models 2 and 3 using our full analytical sample, which includes 9,448 adult children nested within 6,040 households, linked to 2,060 clans.
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[bookmark: fig:mainmodels]Figure 3: Multilevel Linear Probability Models Predicting Child Education
In both models, individual and parental coefficients are largely similar in their direction and statistical significance to models using the restricted sample except for year of birth, which became negative and significant at a low statistical threshold, and parental income, which switched from positive and statistically significant (Table 5) to either negative or not statistically significant (Table 6). As for clan characteristics, similarly to the previous analyses, clan education predicts adult child education above and beyond parental education. According to Table 6 Model 1, when examining all potential clans, every decile of clan college attendance increases a child’s probability of attending college by 8.5 percentage points, all else being equal.
Clan wealth and income deciles also maintain their direction and significance – negatively predicting children’s college attendance. Again, supplementary analyses show that they are positively associated with children’s college attendance when using bivariate correlations, but turn negative once parental resources are introduced. In line with the analyses above, this suggests that while clan education supplements parental education to enhance children’s probabilty of college attendance, clan economic resources appear negatively related to children’s educational outcomes as they reflect families in which extended family economic resources fail to shape parental resources. Clan number of households returns to showing no statistically significant relationship with children’s college attendance in Model 1 when holding constant other clan, parental, and individual characteristics.
Finally, Model 2 of Table 6 replicates Model 3 in Table 5 using the full sample of clans. Here too the main findings from Table 5 Model 3 remain, but with crucial differences. Most importantly, the three-way interaction between race, parental education, and clan education loses statistical significance. Figure 4 plots predicted probabilities using the full clan sample analogously to Figure 2. It shows that for the comprehensive set of clans that include those without aunts/ uncles or non-grandparental non-aunt/uncle family members, clan education still serves as a multiplier of parental education for non-Black children, but now also serves as a multiplier of parental education among Black children. When clans also include grandparents and aunts/ uncles, beyond residual clan members, the different effects of clan education across parental education no longer differs by race. For this larger sample of comprehensive clans, there is no difference in the predicted probability of attending college among those with low clan education. Among those with higher clan education, both Black and non-Black children from more educated households are more likely to attend college by 20-25 percentage points compared with their counterparts from less educated housholds. Full clans in the unrestricted population serve as parental resource multipliers, regardless of race.
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[bookmark: fig:marginaleffect-complete]Figure 4: Predicted Probability of College Attendance by Clan Education, Parental College, and Child Race Using Complete Sample
[bookmark: discussion]Discussion
Social stratification scholars study the transmission of advantages across generations within families. However, scholars typically examine dyadic familial relationships, such as parent-child (Blau and Duncan 1967; Erikson and Goldthorpe 1992; Shavit and Blossfeld 1993), grandparent-grandchild (Anderson et al. 2018; Chan and Boliver 2013; Hällsten and Pfeffer 2017; Møllegaard and Jæger 2015), and aunt/uncle-niece/nephew (Erola et al. 2018; Jæger 2012; Prix and Pfeffer 2017). This paper uses newly available waves of data from the PSID to broaden the conceptual lens beyond dyadic family relations to extended family units, which we refer to as “clans”.
We introduce clans as extended-family units that furnish their members with material, cultural, social, and emotional resources. Beyond investing time and money, clans also confer traditions, norms, attitudes, and preferences. We investigate whether clan resources are associated with the educational attainment of their children even when accounting for parental resources, and after netting out grandparents and aunts/ uncles. To evaluate family resources comprehensively, we adopt a multidimensional perspective on stratification (Engzell et al. 2020), incorporating income, wealth, and education for both parents and extended family members. Echoing previous research on the effects of dyadic relations on children’s educational outcomes (Jæger 2012; Prix and Pfeffer 2017), we find that clans’ educational attainment is robustly associated with children’s educational attainment, persisting even after accounting for parental, grandparental, and aunt/ uncle resources.
Notably, extended kin economic resources exhibit a negative association with children’s outcomes. The absence of a positive association between economic resources and education might be surprising considering the growing need for financial resources to access higher education in the United States (Hanson 2022). But, when accounting for parental resources, these negative relationships likely capture latent factors that prevent extended family resources from shaping parental resources (Becker and Tomes 1979; Pfeffer 2014; Solon 2014). These negative relationships are consistent with much of the stratification literature (Møllegaard and Jæger 2015; Solon 2014), posing a challenge for understanding the role of extended family economic resources, beyond parents, in families where extended kin resources also shape parental outcomes.
Our findings suggest that the association between clan characteristics and children’s characteristics is stronger and more robust than dyadic associations between specific extended family members and children. Therefore, when scholars point to such dyadic associations without accounting for larger clan units, they may be capturing a share of the association between clan characteristics and child outcomes. These latent associations may be so diffuse across clan members that no combination of specific family members can adequately substitute for the overarching role of the clan. Some have argued that modernity has led to the decline of extended family structures and singularity of the nuclear family in Western societies (Bengtson 2001; Burgess 1916). But even in the alleged hyper-individualistic context of the United States, our study reveals that the extended family unit continues to be prominent. In the intricate tapestry of familial connections, the oft-emphasized nuclear family unit is nested within broader, dynamic, and meaningful clan webs.
Furthermore, by testing interactions between extended and immediate family resources, this paper investigates whether the clan multiplies or compensates for parental resources. We find a positive interaction between clan resources and household resources; clan and household educational resources compound in their relationship with children’s educational outcomes. This suggests little “compensation” for lower household resources (Erola et al. 2018; Jæger 2012). Instead, it indicates that clans serve as a “multiplier” of parental resources (Deindl and Tieben 2017; DiPrete and Eirich 2006), whereby adult children who already benefit from higher parental resources, benefit even more from additional clan resources, as compared with those with fewer parental resources. There is some evidence of this multiplier effect differing across child race when clans exclude grandparents, aunts, and uncles, suggesting that clans’ educational attainment serves as a stronger multiplier of parental education for non-Black children. These findings point to the important and distinct role played by clans in intergenerational education, where they matter beyond grandparents, aunts, and uncles. A fuller understanding of the intergenerational transmission of advantages involves looking beyond specific dyadic familial relationships to assess the comprehensive role of extended families in children’s outcomes.
In this paper we demonstrated how conceptualizing clans as comprehensive units allows us to assess the role of family background regardless of the particular family structure. For example, clans in this paper covered children who do not have living grandparents, children who have living great-grandparents, only children, children with many siblings, children from one-parent households, children in multi-generational households, and children who are reared by distant relatives. We believe that using these diverse family structures in our estimates allows us to capture the role of families in a way closer to how “family” is understood in daily life. Nonetheless, as the United States is experiencing increasing diversity in family structure (Fasang et al. 2014; Furstenberg 2020; Furstenberg et al. 2020), the composition of clans may be consequential, necessitating additional examination. In particular, clan demographic behaviors like assortative mating, marriage, fertility, and survival may be consequential for children’s outcomes (Mare and Maralani 2006; Song and Mare 2017). Such demographic processes are intertwined with socioeconomic status and are thus consequential for intergenerational stratification (Mare 2011; Mare and Maralani 2006).
The proximity, spatial and otherwise, of family ties might be particularly important for clans. Existing studies have found that increased residential closeness (Bol and Kalmijn 2016; Zeng and Xie 2014) and overlapping lifespans (Braun and Stuhler 2018; Sheppard and Monden 2018) shape the influence of grandparents on their grandchildren. Proximity is not only spatial; it cal also be familial. Namely, ties may differ by family tie type, be it blood, marriage, or adoption. Our study illuminates the role of broader family structures, challenging the prevailing assumption that family dynamics take place only through specific dyadic ties. Investigating facets of family member spatial and familial proximity would offer a fresh perspective for evaluating the intersection between traditional family structures and current demographic trends, providing a more comprehensive understanding of how familial ties influence various aspects of children’s lives in different contexts.
Investigating familial proximity through genetic similarity may offer further insights. Genetic relatedness to ancestors diminishes by half with each generation: a parent passes on approximately 50% of their genetic material to their child, a grandparent 25%, a great-grandparent 12.5%, and so forth (Hällsten and Kolk 2023). When comparing kin of the same generation, siblings typically share around 50% of their genetic material, first cousins around 12.5%, and second cousins only 3.125%, rendering them effectively unrelated (ibid.). Thus, genetic relatedness ties children and parents but attenuates across vertical and horizontal branches of the family tree (Adermon et al. 2021). Furthermore, empirical evidence does not robustly support the notion of biological determinism (Black et al. 2015; Pfeffer 2014). Studies consistently demonstrate that the contribution of genes to variations in socioeconomic outcomes is relatively modest compared to environmental factors (Bowles and Gintis 2002; Collado, Ortuño-Ortín, and Stuhler 2023; Piraino et al. 2014). Clark and Cummins (2014) show that social status in terms of education is even more strongly inherited than height. These findings align with recent insights gleaned from genome-wide association studies (Lee et al. 2018; Okbay et al. 2016). Additionally, genetic predispositions dynamically interact with environmental factors (Freese 2008; Piraino et al. 2014), further challenging the notion of genetic determinism. Decomposing heritability into genetic, environmental, and socioeconomic factors, thus, presents a remarkable challenge (Solon 2014), complicating nature-nurture decompositions (Bowles and Gintis 2002). This complex interplay between genetic and non-genetic factors in shaping socioeconomic intergenerational transmission makes studying the role of clans fertile terrain for uncovering new insights.
In examining young adults’ educational attainment, our results also carry important implications for the literature on first-generation college graduates (FGCs). The attainment of a college degree can be transformative, improving a wide array of outcomes for individuals and even groups (Hout 2012). The rapid expansion of college in most Western societies since the mid-twentieth century (Arum, Gamoran, and Shavit 2007) has propelled upward intergenerational educational mobility in these settings. Consequently, the number of individuals surpassing the educational attainment of their parents has increased (De Pablos Escobar and Gil Izquierdo 2016; Gabay-Egozi and Yaish 2021; Moosbrugger and Bacher 2018), and a new and rapidly growing group of FGCs has emerged (Beattie 2018), drawing attention through dedicated federal, state, and institutional initiatives (Wildhagen 2015). Our findings demonstrate that stratification is a multi-generational, diffuse process that extends beyond parental households. Therefore, adopting a more nuanced definition of FGCs, one that considers the educational attainment of the entire clan, may be fruitful. In other words, recognizing the influence of the clan calls into question the traditional two-generation paradigm for identifying first- and second-generation college students; the generational distinction of college graduate status may benefit from reassessment. Furthermore, the clan perspective suggests potential variation among FGCs based on clan-level resources worth investigating: is there a threshold of clan education that serves to compensate for the absence of educated parents? Does the type of clan-member tie and their proximity to the child play a significant role in shaping these prospects? These critical questions offer the potential to deepen our understanding of the intricate dynamics influencing the educational mobility of FGCs, as well as assessing these individuals’ descendants’ mobility.
Our study design adopted one of at least two plausible ways to study the role of clans in social stratification. Another approach would have been to calculate cousin (or second-cousin, etc.) correlations, which rely on fewer assumptions than multilevel models (Hällsten 2014; Hällsten and Kolk 2023). Cousin correlations can be thought of as an omnibus measure of the importance of family and community effects (Björklund and Jäntti 2020). This method and ours have distinct advantages and disadvantages, and much can be learned not merely from pursuing both separately, but also by putting the two in conversation (Björklund and Jäntti 2020). It is therefore imperative that future research complete our understanding of clans by investigating their role through correlations across younger family members.
Although our findings of the role clans play may not be casual, they provide valuable descriptive information about extended family resource transmission beyond parental households and specific dyadic familial relations. Once acknowledging clans as meaningful social units that play a role in stratification, the overall population-level distribution of clan resources becomes important. Our findings point to race as a key stratifier for clan educational attainment. Therefore, to provoke future research, we calculate clan-level racial inequality in education in the United States, comparing it to household-level inequality for individuals 25-41 in 2021. For these young adults, non-Black individuals’ clans are on average in the 7.56th decile of clan education.[footnoteRef:8] Black individuals’ clans, meanwhile, are on average in the 6.33th decile of clan education. That means that the ratio of non-Black to Black clan-level education in the United States in 2021 is 1.20. For households, 66% of non-Black individuals have at least one parent who has attended college, whereas 61% of Black individuals come from such households. This means that the ratio of non-Black to Black household-level education in the United States in 2021 is 1.09. For young American adults, then, clan-level racial inequality in education is more stark than household-level racial inequality in education. Not only do clans seem to play a role in intergenerational inequality, their resources – at least by some measures – are more unequally distributed than those of households. [8:  We use decile thresholds from our original unweighted sample.] 

Many of us have experience caring and meaningful relationships within our extended families beyond the boundaries of the nuclear household. These ties often encompass a broad network of relatives, contributing to a vibrant tapestry of familial bonds. Within these relationships, tangible resources, intangible influences like preferences and aptitudes, family histories, and genetic material are shared and transferred from older to younger generations. These relationships can thus play a pivotal role in shaping young adults’ sense of belonging, traits, and outcomes. Importantly, kin members do not only serve as givers, but can also receive resources and influence within this intricate web of ties. Thus, these bonds are dynamic, evolving, and reciprocal. Delving into how these clan dynamics shape the social position of individuals can provide a more accurate and nuanced understanding of the role extended family relationships play in multi- and inter-generational processes of stratification and mobility.
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	Sample Descriptive Statistics
	Weighted Descriptive Statistics

	
	No College
	Some College and Above
	No College
	Some College and Above

	Female
	537 (44%)
	1,454 (57%)
	44%
	52%

	Black
	743 (61%)
	1,070 (42%)
	21%
	13%

	Year of Birth
	1989 (5)
	1988 (5)
	1988 (5)
	1988 (5)

	At Least One Parent Attended College
	630 (51%)
	1,950 (77%)
	47%
	74%

	Parental Wealth Decile
	4 (3)
	6 (3)
	5 (3)
	7 (3)

	Parental Income Decile
	4 (2)
	6 (2)
	5 (2)
	6 (2)

	Clan College Attendance Decile
	6 (2)
	8 (2)
	5 (3)
	8 (2)

	Clan Wealth Decile
	5 (3)
	6 (3)
	6 (3)
	7 (3)

	Clan Income Decile
	5 (2)
	6 (3)
	6 (3)
	7 (3)

	Clan Number of Households
	8 (6)
	6 (5)
	6 (5)
	5 (4)

	Restricted to 2021 Cohort - No College N = 1,224, Some College and Above N = 2,529; Mean (S.D.) or Frequency (%).
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Multilevel Linear Probability Models Predicting Child Education, Separating
Grandparents and Aunts/ Uncles from Clans
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